A FINITE DIFFERENCE SCHEME FOR CONSERVATION LAWS
DRIVEN BY LEVY NOISE
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ABSTRACT. In this paper, we analyze a semi-discrete finite difference scheme for a conservation laws
driven by a homogeneous multiplicative Lévy noise. Thanks to BV estimates, we show a compact
sequence of approximate solutions, generated by the finite difference scheme, converges to the unique
entropy solution of the underlying problem, as the spatial mesh size Az — 0. Moreover, we show
that the expected value of the Ll-difference between the approximate solution and the unique entropy
solution converges at a rate O(vAx).
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1. INTRODUCTION

Let (Q, P, F, {ft}tzo) be a filtered probability space satisfying the usual hypothesis i.e., {F;}i>0 is a
right-continuous filtration such that Fy contains all the P-null subsets of (2, F). In this paper, we are
interested in numerical approximations of an L?(R)-valued predictable process u(t,-) which satisfies the
Cauchy problem

{du(t,m) + 0. f(u(t,z)) dt = o(u(t,x)) dW(t) + f|2|>0 n(u(t, z); 2)N(dz, dt), (x,t) € I, (1)

u(0,2) = uo(2), reR
where IIr = R x (0,7T) with T > 0 fixed, ug(z) is the given initial function, and f : R — R is a given
(sufficiently smooth) scalar valued flux function (see Section 2 for the complete list of assumptions).

Moreover, W (t) is a real valued Brownian noise and N(dz,dt) = N(dz,dt) — m(dz)dt, where N is a
Poisson random measure on R x (0, 00) with intensity measure m(dz), a Radon measure on R\ {0} with
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a possible singularity at z = 0 satisfying f‘ ‘>0 (1 A |z2)m(dz) < +oo." Furthermore, u +— o(u) and
(u, z) — n(u, ) are given real valued functions signifying the multiplicative nature of the noise.

In the case 0 = 1 = 0, the equation (1.1) becomes a standard conservation law in R. For the conser-
vation laws, well-posedness analysis has a very long tradition and it goes back to the 1950s. However, we
will not be able to discuss the whole literature here, but only mention a few landmark results. The ques-
tion of existence and uniqueness of solutions of conservation laws was first settled in the pioneer papers
of Kruzkov [22] and Vol'pert [25]. For a completely satisfactory well-posedness theory of conservation
laws, we refer to the monograph of Dafermos [11]. See also [16] and references therein.

1.1. Stochastic Balance Laws. In recent years, there has been a growing interest in the study of
conservation laws driven by stochastic noise. It has been attracted the attention of many authors, and
resulted in significant momentum in the theoretical development of such problems. For some first results
in that direction, see Holden and Risebro [18]. E, Khanin, Mazel, and Sinai [13] described the statistical
properties of the Burgers equation with Brownian noise. Kim [19] extended the Kruzkov well-posedness
theory to one dimensional balance laws that are driven by additive Brownian noise. However, when the
noise is of multiplicative nature, one could not apply a straightforward Kruzkov’s doubling method to
get uniqueness. This issue was settled by Feng & Nualart [15], who established uniqueness of entropy
solution by recovering additional information from the vanishing viscosity method. The existence was
proven using stochastic version of compensated compactness method and it was valid for one spatial
dimension. To overcome this problem, Debussche & Vovelle [12] introduced kinetic formulation of such
problems and as a result they were able to establish the well-posedness of multidimensional stochastic
balance law via kinetic approach. A number of authors have contributed since then, and we mention the
works of Bauzet et al. [2], Biswas et al. [6, 7]. We also mention works by Chen et al. [9], and Biswas et
al. [8], where well-posedness of entropy solution is established in L? N BV, via BV framework. Moreover,
they were able to develop continuous dependence theory for multidimensional balance laws and as a by
product they derived an explicit convergence rate of the approximate solutions to the underlying problem.

Independently of the smoothness of the initial data ug(z), due to the presence of nonlinear flux term
and a nonlocal term in equation (1.1), solutions to (1.1) are not necessarily smooth and weak solutions
must be sought. Before introducing the concept of weak solutions, we first recall the notion of predictable
o-field. By a predictable o-field on [0, T] x €, denoted by Pr, we mean that the o-field generated by the
sets of the form: {0} x A and (s,t] x B for any A € Fo; B € F,, 0 < s,t <T. The notion of stochastic
weak solution is defined as follows:

Definition 1.1 (Stochastic Weak Solution). A square integrable L?(R)-valued {F; : ¢t > 0}-predictable
stochastic process u(t) = u(t, x) is called a stochastic weak solution of (1.1) if for all non-negative test
functions ¢ € C§°([0,T) x R),

/w(O,x)uo(m) dm—i—/ /T 8tw(t,a:)u(t,x) + f(u(t,m))@ww(t,x)} dz dt

// u(t,z))(t, ) dW (¢ dxdt+/ />O/ u(t, z); 2)0(t, z) de N(dz, dt) = 0, PZS.Q)

However, it is well known that weak solutions may be discontinuous and they are not uniquely de-
termined by their initial data. Consequently, an entropy condition must be imposed to single out the
physically correct solution. Since the notion of entropy solution is built around the so called entropy-
entropy flux pairs, we begin with the definition of entropy-entropy flux pairs.

Definition 1.2 (Entropy-Entropy Flux Pair). An ordered pair (3, () is called an entropy-entropy flux
pair if 3 € C%(R) with 3 >0, and ¢ : R ~ R such that

¢'(r)y=pB'(r)f (r), for all .
Moreover, an entropy-entropy flux pair (5,(¢) is called convex if 5”(-) > 0.

With the help of a convex entropy-entropy flux pair (3, ¢), the notion of stochastic entropy solution is
defined as follows:

Here we denote o Ay := min {z, y}
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Definition 1.3 (Stochastic Entropy Solution). A square integrable L?(R)-valued {F; : ¢ > 0}-predictable
stochastic process u(t) = u(t, z) is called a stochastic entropy solution of (1.1) provided

(i) for each T > 0,

sup_ B Ju(t, )|3] < +oo. (1.3)
0<t<T

(ii) For all test functions 0 < ¢ € C12([0,00) x R), and each convex entropy pair (3, ),
/ (0, 1) B(uo(z)) do + / {aﬂl)(n z)B(u(r, ) + C(u(r, 2))du(r, x)} da dr
R Iy
+ [ ot a)p et a) de dW )+ [ ot 0)8 0t )t )
/ /|z>0/ u(r, x) +n(u(r, x); z)) —ﬁ(u(r,m))w(r,x)de(dz,dr)
+/ /| >0/ / (1= ,@); 2)B" (u(r, ) + An(u(r, 2); 2)) ¢ (r, ) A\ dw m(dz) dr
>0

P — a.s.

Due to nonlocal nature of the It6-Lévy formula and the noise-noise interaction, the Definion 1.3 alone
does not give the L'-contraction principle in the sense of average and hence the uniqueness. In fact,
classical “doubling of variable” technique in time variable does not work when one tries to compare
directly two entropy solutions defined in the sense of Definion 1.3. To overcome this problem, the
authors in [2, 7] used a more direct approach by comparing one entropy solution against the solution of
the regularized problem and subsequently sending the regularized parameter to zero, relying on “weak
compactness” of the regularized approximations.

In order to successfully implement the direct approach, one needs to weaken the notion of stochastic
entropy solution, and subsequently install the notion of so called generalized entropy solution (cf. [2, 7]).

Definition 1.4 (Generalized Entropy Solution). A square integrable L? (R x (0,1))-valued {F; : t > 0}-
predictable stochastic process v(t) = v(t, x, a) is called a generalized stochastic entropy solution of (1.1)
if

(i) for each T > 0,

sup E|[lo(t,,-)|l3] < +oe. (1.4)
0<t<T

ii) For 0 < € CL2([0,00) x R), and each convex entropy pair (3, (), it holds that

(
/¢(0,x)3(vo(x))dx+/m /01 <8Tw(r,x)ﬁ(v(r,x,a))—l—C(v(r,x,a))aﬂ/’(ﬁx)) dacdz dr
/HT/ (r,z, ) B (v(r, x, )Y (r, x) doe dW (1) de
/HT/ (r,z, )" (v(r, z,a))(r, z) dodr dx
/ /|>0// (r,z, ) +n(v(r,z,0); 2)) —ﬂ(v(r,x,a)))z/}(r,a:) do N(dz, dr) da
/ /||>0// / (1= N (v(r, 2, a);2)8” (v(r, 2, a) + An(v(r, 2, a); 2) )9 (r, x) dod dzm(dz) dr

P — a.s.

1.2. Numerical Schemes. Given the nonlinear nature of the stochastic balance laws, explicit solution
formulas are hard to obtain. Consequently, robust numerical schemes for approximating such equations
are very important in the study of stochastic balance laws. For hyperbolic equations (o = 1 = 0), the
convergence analysis of difference schemes has a long tradition, we mention only a few references. Finite



4 UJJWAL KOLEY, ANANTA K. MAJEE, AND GUY VALLET

difference schemes have been studied by Oleinik [21], Harten et al. [17], Kuznetsov [23], Crandall and
Majda [10] as well as many others. See also [14] and references therein.

However, only few papers are available on the study of numerical schemes for stochastic balance
laws. Within the existing literature we can refer to the paper by Holden et al. [18], where the authors
successfully implemented operator-splitting method to prove the existence of pathwise weak solutions for
such Cauchy problems driven by Brownian noise in one space dimension.

Recently, Bauzet in [3] generalized the operator-splitting method for the same problem in multi-
dimensions. Operator-splitting method for stochastic balance laws driven by multiplicative Lévy noise
was studied by Koley et al. [20]. In [21], Kroker and Rodhe established pathwise convergence of a
strongly monotone semi-discrete finite volume solution towards a stochastic entropy solution for one
dimensional stochastic balance laws driven by Brownian noise. The main tool was a stochastic version
of the compensated compactness approach. It avoids the use of a maximum principle and total-variation
estimates but restricts the study to the one-dimensional case and to the use of genuinely nonlinear flux
functions. Finally, we mention that Bauzet et al. in [4, 5] established convergence of the fully discrete
schemes for stochastic balance laws driven by Brownian noise in multi space dimension.

Despite all the above mentioned results, to the best of our knowledge, there does not exist a result
giving a convergence rate of the approximate solutions to stochastic balance laws. We remark that, for
conservation laws with ug € BV and locally Lipschitz f, the convergence rate for monotone methods
has long been known to be v/Az [23], and this is also optimal for discontinuous solutions. To show the
same rate for a finite difference scheme approximating (1.1) seems very difficult, and the main aim of this
paper is to precisely address that issue.

1.3. Scope and Outline of the Paper. As we mentioned earlier, the aim of this paper is to fill the gap
left by the previous authors by introducing a rate of convergence result for a nonlinear scalar conservation
laws forced by a Lévy noise. In this paper, drawing preliminary motivation from [8, 9], we intend to prove
that the expected value of the L' difference between the approximate solution and the unique entropy
solution converges at a rate O(\/ﬂ), Ax being the spatial discretization parameter. Moreover, we also
prove the convergence of approximate numerical solutions, generated by the semi-discrete finite difference
scheme, to the unique stochastic BV-entropy solution of the underlying equation (1.1).

The remaining part of this paper is organized as follows. We state the assumptions, detail the technical
framework, introduce the semi-discrete finite difference scheme, and state the main result in Section 2.
Section 3 deals with a priori estimates for the approximate solutions. In particular, we list a number of
useful properties of the (unique) entropy solution and of the approximate solution. Section 4 is devoted
to the proof of the main theorem, and the convergence of approximate solutions to the unique entropy
solution of stochastic conservation laws (1.1), with the help of Young measure theory, is presented in
Appendix 5.

2. TECHNICAL FRAMEWORK AND STATEMENT OF THE MAIN RESULT

Throughout this paper, we use the letter C' to denote various generic constants. There are situations
where constants may change from line to line, but the notation is kept unchanged so long as it does not
impact the central idea. The Euclidean norm on R is denoted by || - || and BV semi-norm is by | - |gy (&)
Note that BV(R) is the set of integrable functions with bounded variation on R endowed with the norm
|ul pv ) = [Jull; +TVz(u), where T'V,(u) is the total variation of u defined on R.

Moreover, we assume the following set of assumptions:

A.1 The initial function ug(z) is a Fo-measurable random variable such that
Elluollz + Iftolloe + luol 5v sy | < +oc.

A.2 The flux function f: R +— R is a Lipschitz continuous function with f(0) = 0.
A.3 There exists a constant C' > 0 such that, for all u,v € R,

lo(u) —o(v)| < Clu—ul.

A.4 Moreover, we assume that ¢(0) = 0 and there exists M > 0 such that o(u) = 0, for all |u| > M.
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A.5 The Lévy measure m(dz) is a Radon measure on R\{0} with a possible singularity at z = 0,
which satisfies

/ (1A ]2)%) m(dz) < oo.
|z|>0

A.6 There exist positive constants 0 < \* < 1 and C > 0, such that for all u,v € R; z € R
In(u; 2) = n(v; 2)| < Afu —v[(|z] A1),
and |n(u;2)| < CA =+ |ul)(|z| A 1).

A.7 Furthermore, there exists a constant M > 0 such that n(u; z) = 0, for all |u| > M, and we assume
that 1(0;z) = 0, for all 2 € R. As a consequence,

n(u; 2)] < A*ful(|z[ A1), and  |u| <

lu+ an(u; z)|, Ya € [0,1].
1— A
Remark 2.1. Note that, in view of [2, 7], for the existence and uniqueness of stochastic entropy solution
of (1.1), we only need initial data to be in L?(R) along with the assumptions A.2, A.3, A.5, and A.6. In
fact, the assumption A.5 is necessary to handle the nonlocal term present in the equation. Furthermore,
the assumption uy € BV (R) is necessary to make sure that the solution has finite variation. Finally, we
mention that the assumption A.4, and A.7 are necessary conditions to maintain the boundedness of the
solution.

2.1. Finite Difference Scheme. We begin by introducing some notation needed to define the semi-
discrete finite difference scheme. Throughout this paper, we reserve Ax to denote a small positive
number that represents the spatial discretization parameter of the numerical scheme. Given Az > 0,
we set x; = jAz for j € Z, to denote the spatial mesh points. Moreover, for any function u = u(x,t)
admitting point values, we write u;(t) = u(z;,t). Furthermore, let us introduce the spatial grid cells
I = [xj—1/27$j+1/2)7
where x4/ = x; £ Aw /2. Let Dy denote the discrete forward and backward differences in space, i.e.,
Ujtl — Uj
Diu; =+-21=— 7
% Az

The discrete summation-by-parts formula is given by

Z ’U,jD:t’Uj = — Z ’l)jD:F’LLj.
JEZ JEZ
We propose the following semi-discrete (in time) finite difference scheme approximating the solutions
generated by the equation (1.1)

@)ﬁ:awﬂdeﬁ)+/ n(ui(8); 2)N(dz, dt), t >0, j € Z, (2.1)

1
dug (1) + - (Fyr ()~ Fy
J Az ita J |2]>0

Nl

1 [T+ .
u;(0) = E/ uo(z) dz, j € Z, (2.2)

ZT .
i—

%
where Fj 1 () := F(u;(t),uj41(t)) is the Engquist-Osher (EO) flux. More precisely, for any given flux
function f, the generalized upwind scheme of Engquist and Osher is defined by

F(“J‘a“jﬂ) = f+(uj) + 7 (w41),
where
t(u) = umx’s s “(u) = umin’s s.
f () f(0)+/0 ax(f'(s).0)ds, [~ (u) / (f(5),0)d

With this in mind, we can recast our scheme (2.1) as

du;(t) + (D_f+(uj(t)) + D+f_(uj(t))) dt = o(u;(t)) dW(t) + /l - n(u;(t); 2)N(dz,dt), t >0, j € Z,
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1 Tivs .
u;(0) = E/ uo(z) dx, j € Z.

X .
j—

[N

Remark 2.2. We have chosen to analyse the scheme (2.1)-(2.2) with EO flux because of its apparent
simplicity. One can, however, adopt the method of proof developed in this paper and obtain similar
results for other schemes (e.g., all monotone schemes).

For a given initial data ug, we define the initial grid function {u;(0)};ez by (2.2). Moreover, for the
sequence {u;(t)},.,, we associate the function ua, defined by

upz(t, ) = Zuj(t) 1y, (z), (2.3)
JEZ
where 1 4 denotes the characteristic function of the set A.
Throughout this paper, we use the notation ua; to denote the functions associated with the sequence
{u;(t)};cy- For later use, recall that the discrete £>°(R), ¢*(R) and ¢P(R) (1 < p < o) norms, and BV
semi-norm for a lattice function ua, are defined respectively as

luae ()l = suplus ()], [luac(t)ll, = Az fu;(#)]
JEZ =Y/
luae ()l = Az " a7, Juac( )y =D lujer (B) = u; (D))
JEL JEZ
Now we are in a position to state the main result of this article.

Main Theorem. Let the assumptions A.1-A.7 hold and ua,(t,x) be finite difference approximations
generated by the scheme (2.1). Then there exist an unique BV entropy solution u(t,z) to the problem
(1.1) and a constant C' = C(|ug|py(r)), independent of the small parameter Az, such that for a.e.
te (0,7,

E{/ luna(t, ) — u(t,z)| dm] < CV Az,
R
provided the initial error is bounded by
E[lluas(0,) = uo() 1w | < CVAw, (2.4)

3. A PRIORI ESTIMATES

This section is devoted to the derivation of a priori estimates for the approximate solutions ua (¢, x)
under the assumptions A.1-A.7, which turns out to be useful to prove convergence, as well as rate of
convergence, of the approximate solutions to the unique entropy solution of (1.1).

Remark 3.1. To keep the presentation fairly short, we shall only present proof of a priori estimates (and
Main Theorem) for f* < 0. Observe that, in that case Fj 1/ = f(u;+1). However, we note that the same
proofs apply mutatis mutandis also in the general case, since we can write Fjiq1/0 = fT(u;) + f~ (uj41),
where (f*)" >0, (f7)" <0, and both are Lipschitz continuous. In fact, it is clear that || f'|| serves as a
Lipschitz constant for Engquist-Osher flux.

3.1. Uniform Moment Estimates. As we mentioned earlier, to ensure the convergence of approximate
solutions, one needs to obtain uniform moment estimates for the approximate solutions. We remark that,
we are following the same strategy as depicted in [21] (for the Brownian noise set-up) to obtain such
estimates. In what follows, we start with the following simple but useful lemma which is essentially a
discrete version of the entropy inequality.

Lemma 3.1. Let (8,() be a convex entropy-entropy flux pair. Let u;(t) be the approximate solution
generated by the finite volume scheme (2.1). Then u;(t) satisfies the following cell entropy inequality

aB(us(1) + 5 - (Cltga(8)) — oy (1))

< o (u; (1) B (u; (1)) AW (2) + %UQ(Uj(t))ﬂ"(Uj(t)) dt
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+ /|Z|>O {ﬂ(zu(t) + n(u;(t); Z)) — 5(uj(t))} N(dz, dt)

" /z>0 /,\1:()(1 = A) (g (0):2) B (uj(t) + An(u;(t); Z)) dAm(dz)dt,

for all j € Z and almost all w € Q.

Proof. Let (8,¢) be a given convex entropy-entropy flux pair. A simple application of Itd-Lévy formula
applied to B(u;(t)), where u;(t) satisfies the semi-discrete finite volume scheme (2.1), leads to

A5 (0) + 5= (g () (Fluga (1) = Foty (1)) )
= oy (1)) (g (1)) ATV (6) + 502 (1)) 3" w5 (1))
w130+ n0:2) = s 0} Nz,

1
e[ 02 8 () + Ans0:2)) dAmi@ @ @)
Next, observe that
8 (s (0) (f (w1 (0) = Flus(1)))
— (8 ) 1 (4)) = B () s (8)) = Gl () + s 4)) + (S (1)) = Ly 1))
= 0y () + (Cluga (1) — Cluy4) (32)

where ®; is defined as follows
@;(w) = B'(u; () f(w) = B (u () f (u; () — C(w) + C(u;())
A straightforward calculation reveals that
d
2 25 (W) = B (u; (O) ' (w) = ('(w) = B'(u; () ' (w) = B (w) ' (w)
= —B"(&)(w —u;(t) f'(w), & € (w,u;(t)).
Since 3 is convex function and f’ < 0, we have

d >0 ifu;(t) <
dw <0 ifu(t) >w

Also, ®;(u;(t)) = 0. So, ®;(w) > 0, for all w € R. Hence, we conclude that
@;(u541(1)) > 0. (33)
Finally, we combine (3.2) and (3.3) in (3.1) to conclude
A8(u5 (1) + 2 (Gl (1)) — Clus(0)) dt
< oty ()5 (05 (6) AW (1) + 50 (s (1)) 3" w5 (1)
w180+ 0:2) )} Nz,

1
[ (02 87 (w50 + Anfus(0):2)) dhm(dz) .
|2|>0 J/A=0
This completes the proof of the Lemma. O

Now we are ready to prove uniform moment estimates. To that context, we have the following lemma:



8 UJJWAL KOLEY, ANANTA K. MAJEE, AND GUY VALLET

Lemma 3.2. Let the assumptions A.1-A.7 be true. Let un,(t,x) be the approzimate solutions generated
by the finite difference scheme (2.1). Then the approzimate solutions ua,(t,x) satisfies the following
uniform moment estimates

sup sup E[Humc( )||p} < +oo, forpeN, p> 1. (3.4)
Az>00<t<T

Proof. To prove the result for p > 2, we assume that (3, () be a given convex entropy-entropy flux pair.
Then, by the virtue of Lemma 3.1, we conclude

Bl (1) = By 0) + &5 [ (¢l (9) = Clu(5) s

< [ otus @D (@) aW () + 5 [0y ()8" (s (s)) ds

//||>0 (u;(s) + n(u;(s); 2 ))—ﬁ(uj(s))}ﬁ(d@ds)
+/ /|>OA_O(1—A)n (uj(s); 2) B" (uj(s) + An(uj(s); 2)) dAm(dz) ds. (3.5)

Next, we multiply the above inequality (3.5) by Az, sum over all j € Z, and then take expectation. Note
that, an application of [t6-Lévy integral reveals that

IEAxZ/ oy ()8 (uy(5)) AW ()] = 0

AxZ/ /z>0 s) + n(u;(s); 2)) —B(Uj(s))}]v(dz,ds)} =0

Hence, we are left with

{A[L’Z B(u;(0)) } % AxZ/ (uj(s (5))ds]

JEZ JEZ

+E A:cj%/ />0/ (1—X (5);2)B" (uj(s) + An(u;(s); 2)) dAm(dz) ds] (3.6)
Let p > 2. Choosing B(u) = Lwl® | and using assumptions A.1-A.7, we obtain

E[Az Y fu;(0)F] - E[Aw > s (0)7]
jez jez
A (11— (5); 2)|u;(s) + An(u;(s); 2) P72 dAm(dz) d
xZ/ // (5): Dy (5) + Anlug(s);2) P~ dAm(dz) ds]
+C(p IE AxZ/ (w;(s)|u;(s)P~ 2ds]
JEZ

A“’”Z/ / o | ):2) (lus () P72 + n(us(s); 2)P~2) ) m(dz) ds|

JEZ
+C(p)E AmZ/ (uj(s))|u;(s)P™ 2ds]

JEZ

AxZ/ / P AL %) m (dz)ds} A:z: / (s \”ds
> JEZ
/ [AmZ\uJ }

JEZ
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Hence, by Gronwall’s inequality, for any ¢ > 0,

E[Ax 3 lu (t)ﬂ <CE [Az 3 |uj(0)|p} .

JEZ JEZ

E[az Y 1w 0)F] < E[lluo()I13]-

JEZ

By Jensen’s inequality, we get

Again, notice that
E[lluaa(t,)I12] = / juas(t, ) de] =E[ Y- / T uan(t, ) dz| =E[Az Y fui ()]
JELTi-% JEL

Thus, we conclude that

sup sup IE[Hqu(t,-)Hﬂ < 00,
Az>00<t<T

for any p > 2. Choosing now 8 = 35, a classical convex and regular approximation of the absolute-value
function, one obtains from (3.6)

E[ae 3 (85(u; (1) — Bs(,(0)] < 5[0y / (5 ()1 s 15 ]

JEL JEZ
+E ALEZ/ / / 1=\ );Z)l\uj(s)—i-/\n(uj(s);z)\géd)‘m(dz) d81|
jez |z]>0

Then, by A.3, A.4 and A.7, passing to the limit over ¢ to 0 yields E[Aw ZjGZ (\u](t)\ — |uj(0)|)} <o0.
Moreover, one can use interpolation theorem to conclude the assertion of the lemma for any p > 1.

This finishes the proof of the lemma.
O

3.2. Spatial Bounded Variation. Like its deterministic counterpart, we derive spatial BV bound for
the approximate solutions under the assumptions A.1-A.7. First note that, monotone numerical scheme
for deterministic balance laws implies its L stability. But for the stochastic case, this is not true in
general. However, under the additional assumptions A.4 and A.7, it is possible to derive such estimates.
Regarding that, we have the following lemma.

Lemma 3.3. Let the assumptions A.1-A.7 be true. Let ua,(t,x) be the finite volume approximations
prescribed by the scheme (2.1). Then |uaz(w,t, )| L) < max{QM, ||u0||Loo(R)}, for any t and w a.s.,
where M is defined as in the assumptions A.4 and A.7.

Proof. First note that, for any = € (;_1,2;, 1), the scheme (2.1) reads
1
dUA:c(ta SC) + FJJ [f(qu(tv z+ A:C)) - f(qu(ta I))]
— oluc(t.0) W)+ [ nluss(t,2),2) Nlds, ).
|z|>0

Applying Itd-Lévy formula to S(ua,) with

B(x) = [ (@ + max{2M, luo | (@ }) ™ + (= — max{2M, |luollp ) }) ] g

integrating with respect to z,t and taking the expectation yield

EAﬂ(uA$(t,x))dx+E/Ol/RB’(qu(s,x))é{f(qu(s,x—|—A$)) - f(uAm(s,x))}da:ds (3.7)
:EAﬂ(uAm(O,m))dx+%E/o /RUQ(UAI(S,x))ﬂ"(qu(s,x))dxds
+ E/O /]R/|z|>0 /}\:0(1 — M) P (uax(s,2);2) B (uas(s, z) + An(uaz(s,2); 2)) dAm(dz) dx ds.
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Next, observe that S(ua(0,2)) = 0, o(7)8"(7) = 0, and n(7)B"(r + My(r,.)) = 0, for all 7. Moreover,
since 3’ is a non-decreasing function and f a non-increasing one, for any z,y

B - 1@ 2 [ ' P8 () dr
Hence, (3.7) leads to

t 1 uaz(s,z+Ax) . ,
E/Rﬁ(um(t))dx—l—ﬂﬂ/o /RM{/UM(S,I) B(r)f (T)dr}ddeSO. (3.8)

|* < +o0 for any s, |u;(s)] — 0 and

1 vas(omtae) / / _ uit (s) ’ , _ u;(s) " (T)dT } dx =
/RAQC{/u 5(T)f(7)d7}dx2{/o B'(r)f' (1) dr /0 B(r)f(r)d }d = 0.

az(s,x) J

Furthermore, since Az ), u;(s)

Thus, for any ¢, |uae(t, z)| < max{2M, |lug||L~m®)}, © a.e. and w a.s. O

Lemma 3.4. Let the assumptions A.1-A.7 be true. Let ua,(t,x) be the finite volume approximations
prescribed by the finite difference scheme (2.1). Then for any t > 0

“Um( )‘BV(R)} < CE““O( BV ®) } (3.9)

Proof. Note that, since the flux function f is non-increasing i.e., f’ < 0, we have F il = f(u;j+1) and
hence we obtain

d(uj(t) —u;(t)) + Aix(f(uﬁz(t)) — flujsa(t))) dt — Ai(f(uj+l(t)) — fluy(t))) dt
= (o (ujs1(t)) — o (uy(t / n(uj41(t); 2) = n(u;(1); 2)) N(dz, dt).
|z|>0

Again, since f is non-increasing, we have

fujs2(t) — fujs1(2))
d(uj+1(t) —uy(t ’ u;z(t) - “J+1EL)

f U]+1 ) ( ( )) ‘(u]—i-l(t) Uj(t)) dt

wj1(t) — u(t)

- (a(uj+1<t>> — ol () AW + [ (g (0i2) = oy (1)) N(dz. ).

|z|>0

[ (2(t) = i (1)) dt

Let € be a small positive parameter and 3 = 8. € C%(R) be a convex function approximating the absolute
value function such that 3'(r) — sign(r), as e — 0. We apply It6-Lévy formula to B(uji1(t) — u;(t)) to
conclude

B(uja(t) —u;(t))

= B(uj+1(0) — u;(0)) + 7/ Fuseals) = wi(s f u;ﬁz «23 - iy(‘zi?;)(S))
/ B (us41(5) — s (s f Uj+1(3 u;(s ))‘(ujJrl(S)—uj(S)) ds

UJ-H (s)

[(42(5) = w11 (s) ds

+ / B (1541(5) — 43(5)) (0 1(5)) — 0 (u5(5))) AW (s)
/ B" (uj51(5) — u3(5)) (w1 (5)) — (s () ds
v /.. / ((u541(8) = 5(9) + Az (3); 2) — nloss(s:2)))
x (n(uj11(s); 2) = n(u;(s); 2)) dA N(dz, ds)

//||>0/ “J+1 5) = “J‘(S))+/\(77(Uj+1(5);z)—77(%‘(8);2)))
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X (n(uy1(s); 2) = m(u;(); 2))” dAm(dz) ds.
Summing over j from —N to N where N € N and then taking expectation, we obtain
N N

E[ 3 B(uﬁl(t)fuj(t))} f]E{ Z B(u]_H(O)fuJ(O))}

j=—N j=—

Z / B (u41(s) — uy(s ’f uj2(s)) — f(uja(s ))‘(uﬂz(s)fujﬂ(s)) ds}

Uy+2 —ujt1(s)

Z / B (s (s) — uy(s ‘f uja(s f(?;)(s))‘(ujﬂ(s)—uj(s))ds}

ujp1(s

+ §E Z / B//(Uj+1(8) - uj(s)) (O’(Uj+1(8)) — a(uj(s)))2 ds}

N

Z / />0/ uﬂ“ 5) — (S))+)‘(77(uj+1(3)§z)_W(Uj(s)?z)))
X (nuj(s): 2) = n(uy(s):2))° d/\m(dz)ds}

Z / B (u41(s) — uy(s f (ujt2(s)) = f(ujya(s ))‘(uj+2(s)—uj+1(s)) ds}

uja(s —qu( )

Z / B (u11(s) =y (s)) | L) = T (5) [(w541(5) = us(s)) ds]

“J+1 —u;(s)
+CE Z / B (g 41(5) — 3 (5)) (g1 (5) —uj<s))2ds}
+CIE Z / /Z|>0/ uj+1 (s) —u;(s)) +)\(77(uj+1(s);z)—n(uj(s);z)))

x (j41(5) — u;(s)) (1 A |2]2) dAm(dz) ds}

Z / B (y1(s) — (s f (ujt2(s)) = f(ujya(s ))‘(uj+2(s)—uj+1(s)) ds}

uja(s —Ug+1( )

_Ai Z/ﬁ wj1(s) —u;(s fug+1 — fu j(s))‘(uj+1(s)—uj(8))d8]—i—C{-th

ujy1(s —Uj(S)
+ CE Z / /Z|>0/ (ujs1(s) — uj(s)) + M(n(ujs1(s); 2) —n(uj(s);z)))
x (j41(5) — u;(5)) (1 A |2]2) dAm(dz) ds}

Z/ (ujt1(s fu]” 2)) = f(ujﬂ(s))‘(uju(e?)—Uj+1(8))d5}

ujt2(s) — ujt1(s)

_7E Z / B (ujr1(s) — u (s fuﬁl f(uj(S))‘(Uj+1(S)_uj(s)) ds}

uj+1(8) —uj(s)

L OetN + A, (3.10)
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where we have used the assumption A.3, along with the fact that for 3 = B, r28"(r) < Ce. Let us
consider the term A. By our assumption A.6, since A € [0,1], one has that

‘(%‘H(S) —u;(s)) + A(n(ujpa(s); 2) = nlu;(s); 2)) | = |(ujga(s) — uj(s))‘ (1—2%).
Since r23"(r) < Ce, we see that, by assumption A.5
A= CE Z / /|z|>0/ (wj1(s) — uj(s)) + A(n(ujs1(s); 2) —n(uj(s);z)))

x (j41(5) — u;(5)) (1 A |2]2) dAm(dz) ds]

<C(1-M\)"2%E Z / /|>01/\|z| dAm(dz)ds}gcu—A*)—%tN. (3.11)

j* N
Thus, using (3.11) in (3.10) and then sending the limit as € — 0, we get

E[i i (2) — s 0)]] - [Z [1(0) — us(0)
j=—N

j=—N

= Aa: Z / ‘fujﬁ ) f(ujH(S))““jH(S)—“j+1(3)|d3}

ujt2(s) — ujri(s)
AL L “;:;z SOCTIRT

/ f un+2(s)) — flun+1(s))

UN+2 - UN+1( )

‘|UN+2() un+1(s ’ds}

Aw / flu—n+1(s)) — flu—n( 5))“u_N+1(5)*U—N(S)|d5}

U_N41(s) —u_ N(

/ funya(s)) — f(uN+1

un+2(s) —uny1(s)

A

< EE[/ |uN+2( )—uN+1(s)|ds}. (3.12)

“u 2(s) —uNH(S)’ds}

By our definition of approximate finite volume solutions ua(t, ), we have

1 [Aw(N+Y)
’uN+2(s) — uN_H(s)‘ < —/ ‘uAg;(s,Ax +x)— qu(s,x)’ )
Az Az(N+1)

Again, since for almost all w € €, and a.e. t € [0,7], approximate solution ua(t,-,w) € L'(R), we see
that }uN+2(s) — uN+1(s)| — 0 as N — oco. Moreover, in view of boundedness property (cf. Lemma 4.1),
one can use dominated convergence theorem to conclude that right hand side of the inequality (3.12)
goes to zero as N — oo. Thus, passing to the limit as N — +oo in (3.12), we obtain

E[ Y () =y ()] SB[ Juga(0) =, (0)]]. (3.13)
JEZ JEZ
Note that, in view of the lower semi-continuity property and the positivity of the total variation TV,
E[TV,(u)] makes sense for any u € L' (2 x R). Since ug € BV (R), we conclude that, for all ¢ > 0

E[ TV, (war (1)] < E[TVa(uo)]-

Again, since ]E{HuAI( )HLl(R:| < CE{“UO(')HLl(Rd)], we arrive at the following conclusion that the

approximate solution ua.(t, z) lies in spatial BV class and satisfies (3.9). This completes the proof. O
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3.3. Convergence of Approximate Solutions. Having secured all necessary a priori bounds on the
approximate solutions ua, (¢, z), we are ready to prove the convergence of approximate solutions ua (¢, x)
to the entropy solutions of the underlying problem (1.1). We remark that, uniform moment estimates
(3.4) and bounded variation estimate (3.9) are not enough to ensure the compactness of the family
{uaz(t, )} Axso in the classical sense. However, we use notion of Young measure in stochastic setting to
prove the convergence of approximate solutions, and we have postpone the proof to Appendix 5. In fact,
it is possible to prove the following theorem.

Theorem 3.5. Let the assumptions A.1-A.7 hold. Then there exists a unique generalized entropy solution
u(t,x, ) to the initial value problem (1.1). Moreover, u(t,z,a) is an independent function of variable o

and u(t, ) fo u(t,z, 7)dT = u(t,z,a) (for all &) is the unique stochastic entropy solution.
More precisely, let ua,(t,x) be a finite volume approzimations as prescribed by (2.3). Then,
(a) uaz(t,z) — u(t,z,«) in the sense of Young-measure.
(b) uaz(t,z) = a(t,z) in L*(Q2 x (0,T) x R) and uay(t,z) — a(t,z) in LY
1<p<o0.
(¢) Furthermore, for a.e. t € (0,T), the following BV bound holds:

E[lu(t, )svm] < CE[luo()|Bvm)]-

Remark 3.2. In the Appendix 5, we have shown that ua, (¢, ) converges to the unique entropy solution
u(t,z) to the problem (1.1). In view of the lower semi-continuity property of TV, and Fatou’s lemma,
we have, for a.e. t > 0,

(R; LP(2 x (0,T)), for

E[Tvx(a(t,.))} < hmme[Tv (uns(t, ))} < E{TVx(uo)},

where the last inequality follows from Lemma 3.4. Thus, @(t,x) is a function of bounded variation in
spatial variable, which proves part (¢) of the above Theorem 3.5.

3.4. Average Time Continuity. We move on to establish the average time continuity of ua,, inde-
pendent of the discretization parameter Az > 0.

Lemma 3.6. Let the assumptions A.1-A.7 be true. Moreover, let ua.(t,z) be the finite difference
approzimations prescribed by the finite difference scheme (2.1). Then, for any compact subset K C R,
there ezists a constant C = C(|K|, E[TV(u)],T), such that for s <t

E[/ [usa(t.2) — usa(s,2)ldz] < Ot — 5|+ C (K| + Aa) Vi~ 5.
K

Moreover, for any standard mollifier ps,(r) = %p(é) on R with supp (p) C [—1,0), we have the following
estimates.

(a) For the approzimate solutions ua.(t,x) (cf. (2.3))

/ / / uaa(t, ) — uaa(s, x)ldx} ps, (t — s) ds dt < C\/.

(b) For the unique entropy solution u(t,x) of (1.1)

A /0 /‘““3 5$)|d$}pao(t—s)dsdt<0\f

Proof. Note that, since f is Lipschitz, a simple calculation using the scheme (2.1) reveals that for any
s<t

Axluj(t) — u;(s)|

< [ 12 = sastriar + dal [ otumiaw o) +ad] [ [ s )V )

gc/s |uj+1(7)—uj(7)|dT+Ax‘/Sta(uj(T))dW(T)]+Ax]/: /won(uj(T);z)N(dz,dT)‘.
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Thus, for any given compact subset K C R with K C [N, N], by (3.13) and the boundedness of ¢ and
n along with assumption A.5, one has that

E[/K |luaq(t, ) — uAm(s,m)|dx}

<E[/N+2 luns(t, ) — ups(s, @ |dx} E[ > Axfuy(t) — uy(s )I}

N-1

l7I<N
SCE[/ 3 |uj+1(o)—uj(o)|df} +E[ Y Am‘/ta(uj(T))dW(T)H
S jeN ljl<N s

Ax‘/ /||>0 n(u;(r); 2) N(dz, dT)H

1/2
Z Ax‘/ o(u; (1)) dW (T )‘ 1

l7ISN

5[ 3 ad]” [zm//

iI<N liI<N ‘>°

SC’|t—s\+[(2N+1A$] lZAx/ lo(u; (T |d7'1
l7I<N
1/2
> Az/ /|>O )|2m(dz)dT]

7SN

\J|<N

gcu—smE[Z Ax}

lil<N

,11/2
N(dz, dT)‘ ]

[(21\7 +1) Ax]

<Clt—s|+C2N + 1)Azvit—s
<Clt—s|+C(K|+ Az)Vt —s.

Considering a non-negative continuous function h(t, s) on [0,7]2, one has

/OT /OT]E{/K lunz(t, ) _qu(3,$)|d$]h(ﬁ, s)ds dt
SC’/OT/OT [t — s|h(t,s)dsdt + C(|K| + Ax) /OT/OT\/mh(t,S) .

and passing to the limit in Az yields

T T
/ / ]E[/ lu(t, r) —us,x)|dx|h(t,s)dsdt
o Jo K
T T T 4T
SC/ / |tfs|h(t,s)dsdt+C(\K|+A;U)/ / V[t — s| h(t, s)dsdt.
o Jo o Jo

The conclusion holds by setting h(t, s) = ps, (t — s). O

4. PROOF OF THE MAIN THEOREM

In the previous section, we have mentioned that under the assumptions A.1-A.7, the approximate
solutions uag(t,x) converges to the unique BV entropy solution u(t,z) in LY (R;LP(Q x (0,T)), for
1 < p < co. In this section, our main aim is to estimate the L! difference between the approximate
solution ua, (¢, ) and the unique entropy solution of (1.1). To do this, we begin by introducing a class of

entropy functions which will play a crucial role in the sequel. Let 8 : R — R be a C'"*° function satisfying

B0)=0, B(=r)=p(r), B(-r)=-pF(r), B"=0,
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and
-1, when r < —1,
B'(r)=<¢¢e[-1,1], when |r|] < 1,
+1, when r > 1.

For any & > 0, define B¢ : R — R by B¢(r) = gﬁ(g). Then

M.
7] = Mi§ < Be(r) < Ir|, and |B{(r)] < flwgav (4.1)

where M7 = sup),|<; |[r] — B(r)| and My = supy,<1 |8”(r)|- By simply dropping , for 8 = B¢, we define

5(a,b) = /baza'(r—b)f’(r)dr, and  £(a,b) = sign(a — b) (f(a) — /(b))

We also introduce a special class of functions, which plays a pivotal role in our analysis. To that
context, let us define the set K consisting of non-zero ¢ € C?(R) N L'(R) N L>°(R) for which there is a
constant C such that |(,(z)| < C¢(x), and |(ze(x)| < C¢(x). Then we have the following Lemma:

Lemma 4.1. Let ¢ € K be any element. Then there exists {Cr}ps, C C°(R) such that
Cr— G (CR)x — Coy and (CR)zw — Caz pointwise in RY, as R — oo

Proof. Note that, modulo a mollification step, we can assume that ( € C*°(R). Let n € C°(R) be such
that 0 < n < 1, and n(0) = 1. Let us define (g(z) = ¢(z)n(x/R). Then a straightforward computation
yields

(Cr)e (&) = G/ B) + 10w )nala/ ),

(C)ea ) = Can)(/B) + 3 a2/ B) + a2 a (/).

Taking limit as R+ oo concludes the proof. ([l

To proceed further, let p and ¢ be the standard mollifiers on R such that supp (p) € [—1,0) and
supp (o) = [-1,1]. For § > 0 and &y > 0, let ps,(r) = %p(%) and o5(x) = $0(%). Let 1(z) € K :={¢
[th2] < CY(x), |thee] < Ctp(2)} be any function. Then by Lemma 4.1, there exists a sequence of functions
{Yr} C C(R) such that g — 1 pointwise. In the sequel, with a slight abuse of notations, we donte
1 = ¥g. In what follows, we will use the following test function: For two positive constants d,dy, we
define

¢5,50 (t7 z, s, y) = Pég (t - S) 95(37 - y) ’(/}(87 y)' (42)

Furthermore, let J be the standard symmetric nonnegative mollifier on R with support in [—1, 1] and
Ji(r) = 3J(%) for I > 0. Let u(t,z) be a BV entropy solution of the problem (1.1). We write down
the entropy inequality for u(t,z), based on the entropy pair (3(- — k), f°(-,k)), and then multiply by
Ji(uay(s,y) — k), integrate with respect to s,y, k and take the expectation. The result is

0 <IE /HT /RZ uo(x) — k) 5,6, (0,2, 5,y) Ji(uay(s,y) — k) dk:dxdyds]
HE /H /H /ﬁ (t, @) — k)05, (L, T, 5,y) Ji(uny(s,y) — k)dkdxdtdyds}
+1E[/ // u(t, ) B (u(t,z) — k)dss,(t, 7, 8,y) Jiuay(s,y) — k) dW(t) dxdkdyds}
I I

+ iE /HT /HT/]RU (u(t,2))B" (u(t, z) — k)ds.5,(t, , 5, y) Ji(uay(s,y) — k) dtd:rdkdyds]

+

]E{/HT /HT/Rfﬁ(u(t,x)ak)&(i)a,zso(t,x,s,y)Jz(uAy(s,y) —k) dkdmdtdyds]

HE[/HT/R/HT /|Z|>O /Oln(u(t,x);z)ﬁ’(u(t,x)—k:+)\n(u(t,x);Z))¢5760(t7x’57y)
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x Jy(uny(s, y) — k) dA N (dz, dt) dz dk dy ds}

E{/HT /R/HT /|Z|>O /01(1 = NP (ult, x); 2) 8" (ult, ) — k + M(u(t, ); 2)) ds.5, (t, 2, 5, y)

% Ji(uny(s,y) — k) dAm(dz) dt dz dk dy ds}
::Il+12+13+14+f5+16+17. (43)
By notation, for any y € (y,_1,y;,1),

dU/Ay(Svy) + Aiy [f(uAy(Sa Y+ Ay)) - f(“Ay(Sa y))}

= o(uay(s,y)) dW(s) + / - N(uay(s,y); 2) ]V(dz, ds),

and applying Ité-Lévy product rule to S(uay(s,y))ds.s, (¢, T, S, y), integrating with respect to y, ¢, z, k and
taking the expectation yield

O<E /HT//ﬁ uay(0) — k) @s.6, (¢, 2, 0,9) Ty (ult, x) — k)dkdydxds]
+E| /HT /HT/RB(uAy(s,y) — K)0sGs.00 (10, ,) Tt @) — k) dk da dt dy dis|
+E| /HT /HT Aa<uﬁy<svy))5'(UAy(8ay> — B)a.50 (b 2. 5,y) i(ult, @) — k) dk dt do dy WV (s)|
+ ;E[/HT /HT/RaQ(uAy(s,y))B”(uAy(s,y) — k)5 6 (t, 7, 8,y) Ji(u(t, ) — k) dk dt dz dyds}

_ ]E[/n /H /Rﬁ'(uAy(s,y) - k)Aiy{f(UAy(S,y + Ay)) — f(uAy(s,y))}m,go (t,z,s,y)

x Jy(ult, ) — k) dk ds dy d dt}

s[ [ [ L iy (5905205 (s (5.8) — R M (59)52) g 1. 5.1)
x Ji(u(t,z) — k) d\dk N(dz, ds) dt da dy}

e[ [ [ ] y / / L= Ny (5,5); 2)8" (uny (5,9) — b + Ay (5,9):2)) 010 (8,2, 5,)
x Ji(u(t,z) — k) d\ dk m(dz) ds dt dz dy}

=1+ o+ J3+Js+J5+ Jg+ Jr. (4.4)

Our goal is to estimate the expected value of the L' difference between ua, and u in terms of the small
parameters &, &g, 0,1, Ay, which are sufficiently small but fixed.

Let us first consider the terms due to initial data. Note that, since supp (ps,) C [—d0,0], J1 = 0. Now,
in view of the uniform moment estimate (3.4), we infer that

/H / (uol) — K) 85, (0.2, 5,9) Ty (5.) — k) b e dy | (4.5)
— / Bluo(x) — K)as(x — y)(0, )iy (0, ) — ) di dy de
+8[ [ / zﬁ(uO(w) ~ sy (,9) + K)o — ) (4(5,9) — 000, 9) ) oo, ()1 (k) b dy v ds|

+ E[/H /R2 {ﬂ(uo(l‘) —uny(s,y) + k‘) — B(UO(x) —uny(0,y) + k)}gs(ﬂf —y)¥(0,y)

% psy (—8)Jy (k) dk dy da ds} .
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Since supp (¢(s,-)) C K, where K is a compact subset of R, we have
I < IE[/W Bluo(z) — k)os(z — y)(0,y) Ji(uay(0,y) — k) dk dy dx}
+ K| / / L () o) — gy (5,0) + klos(x — y)sps, (~5)i(k) dk dy da ds|
My JR2
+5[ [ / [uay(59) = uay(0,9)] (e — )00, y)ps, (~5) dy dx s
IIr
<B[ [ flua(o) = Rlos(a = )0 (0,) sy 0.3) = k) vy da]
+C]E /HT /R]IK Y |u0(:v) — uAy(s,y)|95(x —y)sps, (—s) dy dz ds]
+ClE[/HT/RﬂK(y)Qa(I—y)Spao(—S) dydde}
T
+»CYH¢(O,)HLWU@IE[]ﬁ tl;pp(w(o))|uAy(S,y)—-uAy(O,y)“Mo(—S)dy(krds}
< ]E{ - Bluo(z) — k)os(z — y)¥(0,y) Ji(uay(0,y) — k) dk dy di} + Cdo(1+1)

T
+C]E|:/ / ’uAy(&y) _’U/Ay(o,y)’p(go(—s) dyd8i|
supp (¢(0,-))

=114+ Cd (1+1)+C /o, (4.6)

thanks to Lemma 3.6. Moreover, since

Ly < \E[/Rs {Bu0(@) = 1y (0,9) + k) = Bluoz) — uay (0.9)) bos(x — )(0, y) Ji(k) dk dy da|
+ [/11@ Buo(z) — uay(0,y))os(z — y)(0,y) dy dm}

< E[/R2 5(uo(33) — uay(0, y))@;(m — )Y (0,y) dy dm} +Cl, (4.7)
combining (4.7) and (4.6), keeping in mind that J; = 0, we obtain
L+ 4 <E| /R Bluo(x) = uay(0,9))0s (@ — 1)¥(0, y) dy dz| +C (0 +1) +CVop.  (48)

Collecting the results above, we have proved the following Lemma.

Lemma 4.2.

lim sup limsup (I + ) < B /  Bluo(a) — sy (0, ) 05(x — y)b(0, ) dy d].

1—0 do—0

Let us tern our attention to the term (Is 4+ Js). First note that, since 8 and J; are even functions, we
have

I+ )y =E| /H / [ By (5.9) ~ 00065, 1) (1 = S)ea( — y) (e, x) — K)ds dy did e
— /H / Bluny(s,v) — KOs, y)os(w — v)(uls, ) — k) ds dy d de
E[/H / (uay(s,y) —ul(s,z) + k)0sp(s,y) (1 — /OT ps, (t — 5) dt) os(x — y)Ji(k) ds dy dk dx]

—|—E[/H /R/ { (uay(s,y) — (t,m)+k)—5(UAy(3’y)—u(57x)+k)}

X 0,05, )psy (£ — )0 (w — y) (k) ds dy dk du dt|
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SELATAJ%WWQW)dewwwdxwhwaQMdmwﬁdﬂ
+ E[/HT /HT lu(t, ) — u(s, 2)||04 (s, 1) |psy (t — 5)0s(x — y) ds dy dx dt}
%E[/do , luay(s) = @’I)+kHaﬂﬁwvy”Qﬂ$‘*yﬁh“ﬂdkdzdyd4
<E ‘AT/‘ﬂm”Sy )&wSWMfowﬁmgﬂgfmda@dmmy+c%@+g

VB[ [ Julta) = u(s,2)10.0(5 )los, ¢ ~ s)es(e — y) dsdy d ]
IIr JIIp
= I+ Coo(1+1) + T3 (4.9)

Let us consider the term J27’12. ‘We have

Tt <B[ [ [ Blusys.9) — uls.2)0.6(s,w)esta — 9) do dys]

IE[/H /R2 {B(UAy(S,Z/) —u(s,x) + k) — B(uay(s,y) — u(s,x))}&sw(s’y)

x os(x —y)Jy (k) dk dz dy ds}

IE[/H /R,B(uAy(s,y) —u(s,x))0st(s,y)os(x — y) dz dy ds} +Cl. (4.10)

Let us move on to estimate the term J;’l]2
2,1 ’
Jyn? < 1059 oo (11 E / / / ‘u(t, x) —u(s, z)|ps,(t — 8)os(x — y) ds dy dx dt
supp (059 (s,"))

/ / / u(t, z) — u(s, x)|drps, (t — s)ds dt} < C/%. (4.11)
supp (
Thus, combining (4.10) and (4.11) in (4.9), we obtain
I+ Jy < E[/ / 5(uAy(s,y) — u(s,x))asw(s,y)gg(x —y)dxdy ds} + C' 4 (1 + l) + C\/%. (4.12)
iy JR

In fact, we have proved the following Lemma.

Lemma 4.3.

limsup limsup (Is + J2) < E / / /3’ Uny(s,y) — u(s, ))8Sw(s,y)g5(x —y)dxdy ds]
IIr

1—0 60—0

Next, we move on to estimate the terms coming from the associated flux function. To do this, we first
consider the term J5. Since f/ < 0 and 8 is a convex function, one has

0> [ S B (Fugan) — £ dr

J

— _Bl(uj —k) (f(uj+1) — f(uj)> + /uj+1 ﬁ/(r — k)f'(r) dr. (4.13)

J

Therefore, in view of (4.13), we have

B[ [ ] st = 05 a8 = (5,90 s .50

x Ji(u(t,x) — k) dk ds dy dx dt
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uay(s,y+Ay) . .
< E /HT /HT/ Ay /u B'r—=Ek)f'(r) dr)qﬁ(;,go(t,x,s,y)Jl(u(t,x) —k) dkdsdydmdt}

Ay (s,9)

:]E /HT /HT/]RAy ffg (uay(s,y), k) —fﬁ(uAy(s,y—i-Ay),k)}

X ¢s5.5,(t, T, 8,y) Ji(u(t, x) — k) dk ds dy dx dt}

- E[/H /H /Rfﬁ (uny(s,y), k)Aiy{¢5750(t,x, 5,Y) — Ps.s,(t, 0,8,y — Ay)}
x Ji(u(t, ) — k) dk ds dy dz dt}

:E[/HT /HT/Rfﬁ(uAy(s,y),k)8y¢5750(t,x,s,y).]l(u(t,m) —k) dkdsdydwdt}

t7 )9y - 0t7 y S,y - A
E /HT/I'IT/RfB(UAy(&y),k){QS&&D( x,8,Y) ié;( z,8,y y)—ay%,go(t,x,s,y)}

x Ji(u(t,xz) — k) dy ds dk dz dt]

= Js51 + Js5,2. (4.14)
Note that
t,x,s,y) — t,x, s,y — A -1 0
¢6,5o( y) ¢5,6o( Y y) _ 8y¢57§0(t737757y) = — / / 8yy¢6’50(t,q;,3)7'—|—y) dT do.
Ay Ay —Ay Jo

Thus,

ta g - 0 t7 39y _A
J5,2 ::E[/HT /I_IT/Rfﬁ(uAy(say>7k){¢5’60( ik y> ?Z’j ( L y) _ay¢§,50(t7x787y)}

x Jy(u(t, ) — k) dy ds dk da dt}

Yied [ =1 /O 0
/ / Z‘fﬁ UJ / FQ/A / ay’y(b&éo(t?anvT_'_y) drdo dy
IIr j Y. 1 —Ay Jo

IT2

x Ji(ult, z) — k) ds dk da dt}

4 0 40
7E[/H /H Zfﬁ(uj(S)vk){A;/A / {8y¢6’6°(t’x’5’7+yj+é>39‘1’5,50(757%8,T+Z/j—é)}deU}
T T ] —Ay o

x Jy(ult, z) — k) ds dk da dt}

:E[/n /H Z f5 (ujs1(s )_fﬁ(uj(S),k)}{Aly/OA /an¢6750(t,x,s,7'+yj+§)d7'do}
rJnr S o

x Ji(u(t,x) — k) ds dk dx dt}

dr do

3@;@55,50 (t7 &€, 87 T + y]-‘,—%)
—Ay Jo

([, Elrin-rianst

<C]E[/R/OT/OT%:|W+1(S)—uj(S)’Aly/_oAy/ao

r 0 9(s T+y 1)
SC]E[‘/R‘/O zj:}ujﬂ(s) |Ay/Ay/ it ]l{\m—yj+%|<5} destd:C}

x Jy(ult, z) — k) ds dk da dt}

Oy®s,6,(t,x, 8,7 + ijr%) dr do ds dx dt}
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TE 1[0 0T +yp1)

SC]E{/O . ‘Uj+1(s)fuj(S)|Ay/Ay/U %deads
A T A

SCTyE[/O zj:’“ﬂl(s)—uj(s)\ds} SCTy

where, in particular, (3.13) have been used.

Let us first consider the term J5 ;. Note that for any a,b € R, f#(a,b) is Lipschitz continuous in both
the variables. Therefore, we have

Js1 = E[/H /R 12 (uny(s,9), k) 0yos(x — y)ib(s, y) Ji(u(s, ) — k) ds dy dk dx]
_ E[/H g FP (uny(s,y), u(s, z) — k) 0yos(x — y)w(s,y)(l _ /OT pso(t — ) dt) Ji(k) ds dy da dk}
+ E[/HT /R/HT {fﬁ(uAy(s,y),u<t, 2) — k) — % (uny(s,y), u(s,z) — k) }aygé(x —y)
X poy (t — $)0(s,y) Ji(k) ds dy dk dx dt]
/ - P (uny(s,9), k) 0y 05 (x — y)i(s,y) Ji(u(s, x) — k) ds dy dk dx]

IIr

B[ [ [ Julsi) — ules) s, s (¢~ 910,050 — )] e e dy ]
Iy JIip
do
+ ]E{/ |uAy s,y) —u(s,x) + k||8yg5(x — )| (s,y)Ji (k) dk, dx dy ds]
Rd
/H 5 fﬁ uAy 5,Y), )ayg(;(x—y)qﬁ(s,y)Jﬂu(s,x) —k) dsdydk‘da:] +C%O

+]E /HT /HT u(s, ) —u(t,x)W(s,y)péo(t—S)Iayg(;(x—yﬂdxdtdyds}

do v
0 oY, (4.15)

thanks to the Lemma 3.6. Then, we estimate J3 ; as follows:
J5171 < JE[/H /Rfﬂ (uAy(s7 y),u(s, x))ayg(;(x —y)Y(s,y)dxdy ds]
+ ‘E[/ {fﬁ (uAy(s,y), u(s,x) — k:) —fP (uAy(s,y),u(s,x))}
Iy JR?
x 0, 05(x = y)(s, y)Ji(k) ds dy dk da] |

< E{/HT /Rfﬁ(UAy(S,y),u(s,x))(’)yga(x—y)w(s,y) dy dx ds] +(J%_ (4.16)

_J51+C

Therefore, we have

BB [ [ £ usslon)uts)oeste - aydras] + R w0n @

Using same calculations as we have done for the term .J5 1, we can show that

/H /H /fﬁ (1,2), K)Dr.5, (1,2, 5,) Ty (5, ) — k) dk vt dy s
/H /1'1 /fﬂ $,x), k)0yp 05,6, (t, 2, 8,y) T (uny (s, y) — k) dk:da:dtdyds}

—i—E /HT /HT/ [F8 (u(t, z), k) — f2(u(s, 2), k:)]8$¢5,50(t,x,s,y)Jl(uAy(s,y)—k‘)dkdmdtdyds]
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<E

—

/ / /fﬁ x), uay(s,y) — k)0z0s.5, (t, , s,y)Ji(k) dk‘dmdtdyds]
I JIIp

R

+9E{/ / |ut x) — u(s, x)|+l}p50(t75)d:cdtds]
1) (0,T)2

< E[/HT /HT/fﬁ(u(s,$)7UAy(s,y))8z¢5750(t,x,s,y)Jl(k) dkdwdtdyds] +Cé + C\({%
< E[/H /Rfﬁ (u(s7$)7UAy(s,y))8zQ5(w — (s, y) dydx ds} +C @ + 05 (4.18)

Combining (4.17) in (4.14) along with the estimate (4.18), we have

Is+ Js5 < ]E{/H /R {fﬂ (uay(s,y), u(s, x)) — f? (u(s, ), uny(s,y)) }6y95(m —y)(s,y) dz dyds

+E[/HT/Rfﬂ(uAy(S,y)au(s,m))gg(x—y)ayzp(s,y) dzr dy ds

+ Cm’%‘%”. (4.19)
Thus, we have proved the following Lemma.
Lemma 4.4.
lim sup lim sup (I5 + J5) (4.20)

1—0 do—0

< E[/H /]R {fB (uay(s,y), u(s,z)) — f° (u(s7x)7UAy(8,y))}8yg5(x —y)U(s,y) dedy ds]
+ ]E{/n / FP(u(s, @), uny(s,y)) 0s(x — y)0yb(s, y) dz dy ds} + C%

Let us consider the additional term J4. In view of the assumption A.3 and the bound || B¢"|| Lo ) < 5%,
we have

Jy = /H /H / (uny(5,9)B" (uny(s,y) — k)¢5, (t, x, 8, y) Ji(u(t,z) — k) dk dt dz dy ds]
/ / / o*(uny(s,9))3 B (uay(s,y) — u(t,z) + k) — B (uay(s,y) — u(s,z) + k;)}
e e
X (5, )05 (¢ = y)pay (t = )1(k) dy ds dk du dt
- 7E /n /]R? (uay(s,9))B" (uay(s,y) — ul(s,z) + k‘)z/J(s,y)(l - /OT ps,(t —5) dt)

% 0s(x — y)Ji(k) dy ds dk d:r}

L
2"
Lo
=3

Bl [ [ n(s.0)8" (way(5.9) = us.) + k)5, w)es(e = 9) () dy ds ]

IN

%E[ [y (5,08 (s (5,) = s, 2) + )5,y — ) () dy ds e de|
r JR?

‘Q’:l\ M\H

+ IE /HT /HT gQ(UAy(S,y))|U(t,l')7U(S,$)|¢(S,y)g,5($*y)pgo(tfs)dydsdwdt}

/5 / (uay(s,y))¥(s, y)dde}

< % /HT /2 (uay(s,y)) UAy(S y) —u(s, x) +k)w(s,y)95(x —y)i(k )dydsdkdx}

R
Cal [ [ [ttt st e -y ] 2

]

3



22 UJJWAL KOLEY, ANANTA K. MAJEE, AND GUY VALLET

5 5
=Ju1+ C\g + C?O (4.21)

thanks to Lemma 3.6. Let us focus on the term Jj ;.

Ji1 < E /H / (uay(s,9)) UAy(S y) — u(s, x))w(s,y)g5(ag —9) dydsda:}
+ §‘E /HT /Rz o (uay(s,y) {ﬁ”(uAy(s,y) —u(s,z) + k) — " (uay(s,y) — u(s,a:))}
X Y(s,y)os(x —y)Ji(k) dk dy ds dx} ‘
% /HT/ (uay(s,9)B" (uay(s,y) — uls, ))P(s,y)es(x — y) dydsd;v}
/H / o2 (uny(s,9)) k| J1 (k)Y (s, y)0s(x — y) dk dy ds dx}
% /HT/ (uay(s,¥)B" (uay(s,y) — uls, )P (s,y)es(x — y) dydsdx}

+ Cllell e nﬂ? sup E[umy(s,on%}

/ / (uny(s,9))B" (uay(s,y) — u(s,z))v(s,y)os(x — )dydsda:} +C£—2. (4.22)

Combimng the above terms together leads to

T = 5B [ [ P uay 5.8 (wsy ) = s, ) (s, w)esta — ) dyls da

+C(60 +i+@).

Tt e (4.23)

Again, we see that

Iy = ;E[/HT /HT / o?(u(t,z))B" (u(t, x) — k)pss, (t, 2, 8,y) Ji(uny(s,y) — k) dt dz dk dy ds}

= 1IE[/H /H o?(u(t,z))B" (u(t, x) — uny(t,y))ds.s,(t, 7, 5,y) dt dz dy ds}

+
= o
&=
N

S

=

[ 7t [ utt, ) = s s, + 1) = B ult) = sy 8.)]

X P55, (t, @, 8,y) Ji (k) dt dz dk dy ds]

SB[ Pt wit.a) —usy )it vyoste ) vz ]
B[ [ o) ult.) = sy t) [005.9) ~ 0000) | sl = ) (¢ = ) de e dy ]

o*(u(t, ) [my(s, y) = usy(t. )| + 1] 65, (t 7, 5,) Ju(k) dt da e dy ds|

+
Sy RO
&=
Epa
|
=
5

R
= /]1@2/ S :I?) - uA?J(‘S y))w(&y)pé(«f - )dS d.%'dy:| + 052 + — f+l
(4.24)
In view of the estimates (4.23) and (4.24), we obtain
Iy+Js < ]E / /5 uAy(S,Y) )){ *(u(s, z)) +02(UAy(s,y))}1/J(s,y)95(:1: —v) dydsd:c}
+ 0(50 LYoo, 1, )

& & ¢
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Next we consider It6 integral terms. Note that, for any two constants t1,t; > 0 with t; < to,
{E[th 2 () dW(t)} —0,

(4.26)
E[th * flm0 C(t2) N(dz,dt)] —0,

where J, ¢ are predictable integrand with ]E[fo le|>0 C2(t, z) m(dz) dt} < +oo and X (-) is an adapted
process. We claim that J; = 0. Indeed, in view of (4.26)

s=t+do
Js3 —/HT /11&2 Jl (t,x) )/ (uAy(s,y))B’(uAy(s,y)—k)¢5,50(t,x,s,y) dW(s)]dkdydtdx

To proceed further, we define
MIB, ¢s.5,](s,y, k) = / J(u(t,x))ﬁ(u(tx) — k)(bg’go (t,z,s,y)dedW(t).
IIr
Regarding M8, ¢5,5,](s,y, k), we have the following lemma whose proof could be found in [6, 7].

Lemma 4.5. The following identities hold:
OM(B, d5.60)(5,y, k) = T[=B", 8] (s,y, k)
ayM[ﬁa(bziﬁo](Sayv ) = [ﬁv y¢](87y7 )
Moreover, let B = ¢ be a function defined previously. Then there exists a constant C' = C(v) such that

C
sup E[JMI8" 035,105, B ey ] < (a.27)
0<s<T €§ 602

C
sup_ E[IIMIB”, 550)(5,-+ 2 sy < 2. (4.28)
0<s<T €252

Note that, in view of the Fubini’s theorem and (4.26),

B [ MU 65)(5. R0 sy = G0.) — K) iy ds] =,
Iy JR
and hence we rewrite I3 as

/ ; M(B', ds.5,1(s, v, ){Jl(uAy(s y) —k) — Jl(uAy(s—éo,y)—k)}dydsdk}

_E // “2/\/!6 $s,60(5: Y ){ 1 (uy(s) — k)—Jl(uj(s—éo)—k)}dydsdk]

JEZ

To proceed further, we apply Ito formula to J;(u;(-) — k) along with Ité6 product rule and have

RENVIrG ’ S (1)) = Fluja ()
I3 = /HT = /j [5 a¢6,50](8’y7 k) (/r=s—60 Jl(“j(r) - k/’) Ay s d?") dyds dk’:|

+E[/n /;H% / s /ﬂ (r,x) — k)J] (uj(r) — k)o(uj(r)o(u(r,z))
T jez.’Y; r=s—do
/ + MIB"™ b5.5)(5,, k) ( / _5 o2 (u;(r)) Ji(uy (r) — k) dr) dy ds dk]

X ¢s5.5,(1, %, $,y) dr dr dy ds dk}

L EL
/HT/MB s $5.60) (5, Y, )(/T . f(“Ay(ﬁy))—2(:Ay(r,y+Ay))

% Ji(uny(r,y) — k) dr> dy ds dk}

JEZ
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| /H T / / _5 / 8" (u(r, ) — k)i (uny(r,y) — k)o(uay (r,y)o(u(r, 2))

X @s.5, (1,2, 8,y) dzdr dy ds dkz}

+ E /H /M B, bs.60) (8, v, )(/T L o (uay(r,y)Ji (uay(r,y) — k) dr) dydsdk}

=131+ 132+ I33. (4.29)

Let us first consider the expression I3 ;.

C o0
L < "f”L /H// MU )5, )y () — iy o+ )
T r=s—0p

X i (way (1) = k) dr dy ds k|

C / o T S
< HJ;L'LIE / / / y IMB", 65,56)(, -5 )| Low (Rx) [y (7, 9) —UAy(Tay‘*‘Ay)‘drdde}

< e ( // [ el s ey sy

E / / / |UAy(7”7y)*UAy(T>y+Ay)|2d7”dsdy}>
K JO r=s—204g

N

I

Q
ey ‘ =9
PN (=N

1
< Clf'llp=do——
%)

(4.30)

In the above, we have used the fact that ]E[|uAy(r, ~)|BV(R)} < CE[luo()|pv )] and uay(r,) € L=(R)
for all r € [0,T] almost surely w € 2 along with the estimates (4.27).

Let us turn our attention to estimate the term I3 5. Following a similar argument as in [7, Lemma
5.6], we see that

I3 < —IE{/H . B (u(r, z) — k)o(uay(r,y))o(u(r, ) J; (uay (r,y) — k)¢ (r,y)os(z — y) dk dz dy dr]

+ c%o
< | /H [ (ur,2) = iy ) sy () (a2 s = ) ddyr] + €22
+ \TE[/HT /R/R{B”(u(r, 2) = uay(ry) + k) = 8" (u(r,) — usy (r,y)) }
X 0wy (r,9)o (u(r, @) T (k) (r, y)os (@ — ) dk da dy dr |
<—E| /HT /RB” (u(r, ) =y (1 9)) o (usy (r.y)o (ulr,2)b(r,y)os(x — ) do dy dr|
+C(%O+§L2)' (4.31)

Next we want to estimate the term I3 3. In view of the uniform moment estimate (3.4) and the estimate
(4.28), we have

I3 = ;E[/HT /RMW/’¢5’5°](87y’k)(/7«is_50 o (uny(r,y))Ji (uay(r, y) — k) dT) dy ds dk}
- E[/yK% /OT /:S_JO IMIB"™, 35,60) (555 M| Low ()0 (uny (r, y)) dr ds dy}

T s
<cu[[ [ M 05 e e ) dr ds
ly|<ey 40O r=s—0dp
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=¢ /OT /ris—(sg (E{“M[B/I/’(b‘sﬁo](s’ g )||2L°<> RxR D%

x (E[/|y|<cw ‘UAy(r, y)|4 dy} ) : drds

C sip % C’ 1
- sup sup E|||u —ig . 4.32
f % <Ay£OO<t£)T [” syt D ¢’ (4.52)
We combine (4.30)-(4.32) in (4.29) and have

) in
13+J3§]E[/HT/RB”(U(7’,:E)

uny(r,y))o(uay(r,y))o(ulr, 2))e(r,y)es( — y) dx dy dr

So 1 5
+C —)+Cc2, 4.33
(F+a@)+0% (1.33)
and combining (4.25) and (4.33) gives
Is+ Js+ 14+ Jy (434)
2
< 3E| /H / B (g (5,) — (s, ) [ouls, ) — 0wy (5,9))]| 6(s,m)es(x — v) dy ds da
do + 5§ Voo 1
+C + ==+ =) 4.35
( ¢ e 52) (4.35)
Collecting all the above results, we have proved the following Lemma
Lemma 4.6.

lim sup limsup (I3 + J3 + Iy + Jy)
1—0

60—}0

<3 /n /Rﬁ" uny(s,y) — u(s, z)) [a(u(s,x)) —a(uAy(s,y))rw(s y)os(x —y)dyds d:c}

Let us turn our attention to estimate the stochastic integral terms corresponding to jump noise. Note
that, thanks to (4.26)

=[] [ et
IIr R2

X G650 (t, T, 8,5)N (dz,ds)] dX dk dz dy di
—0.

We define
T1B dss k) = | /|>o () + nfu(r,2):2) — k) — Blu(r.z) — k)

X 5.5, (7>, 8, y)N (dz, dr) da.
In view of Lemmas 5.4 and 5.5 of [7], one can deduce the following

s=t+do
/ /|>0 n(uay(s,y); 2)B8 (uay(s,y) — k + An(uay(s,v); 2))

akj[ﬁ (!j)ééo](s Y, ) [ B qj)](S Y, )

ayj[ﬁ7¢5,6o](s7ya ) = [Ba y¢](83y7 )
Moreover, since 5 = f3¢, there exists a constant C' = C(¢)) such that

C(¥)
sup_ E[IIT18', 6s.00)(5: -, m iy < ot (4.36)
0<s<T £z 45
C)
sup E[[1T18", @5,5,)(5, )3 )| < =5 (4.37)
0<s<T €252
Arguing similarly as we have done for the term I3, we arrive at
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/1'[ /jﬁ ¢650 $,Y, )(/r » f(uAy(T,y))—i(;Ay(r,y+Ay))

% Ji(uay(r,y) — k) dr) dy ds dk]

FE{f, J TV erallon /Mo/w/'” i (1,9) — K-+ Ml (,0);2)

(1 = NP (uay(r,y); 2) dAm(dz) dr} dk dy ds}

=[] L fptatn) = atutna)2) = a0}

(Jz (uny(r,y) — k+ n(uay(r,y); 2)) — Ji(uay(ry) — k‘))

X poo (1 — 8)1b(s,y) 05 (x — y) m(dz) dr da: dk dy ds}
=TIg1 + Is2+ I 3. (4.38)

Observe that, in view of (4.36), (4.37) and uniform moment estimate (3.4) along with the assumptions
A.5 and A6,

Iy < C|f IIOOé%, and I3 < C%éé. (4.39)

Next we want to estimate the term I 3. A similar argument as in [7, Lemma 5.6] leads to

B[ [Tt ke dntatn g atatra o )

X Ji(uay(r,y) — k4 0n(uay(r,y); 2)) ps, (r — s)1b(s, y)

% 0s(z —y) df dAm(dz) da ds dk dy dr] + 0%0

E[/OT /RS /z|>o /o1 /o1 B (ulr, @) =k + Mn(u(r z); 2))n(ulr, @); 2)n(uay (r, y); 2)
X Ji(uay(r,y) — k + 0n(uay(r,y); 2))0(r,y)

5
X 05(w — y) A dXm(dz) do dk dy dr | + C

£
/// — k4 n(ulr,2);2)) — Blulrx) )}
R3 J|z|>0
x (Jl (uay (o) = k4 nuay (1,9):2)) = Ji(uay (r,y) = £)

x p(r,y) os(x — y) m(dz) dz dk dy dr} + 0%0

/HT//||>O u(r, @) +n(u(r, ); 2) — uay(r,y) — n(uay(r,y); 2))

= B(ulr, @) — uay(r,y) — nluay(r,y); 2)) = Blulr @) +n(u(r,2); 2) — uay(r,y))

do

+ ﬁ(u(r, x) — upy(r, y))}w(r, y) os(x — y) m(dz) dz dy dr} + C(l + ¢ ) (4.40)

Thus, combining (4.39) and (4.40) in (4.38) and keeping in mind that Js = 0, we have
ot do<B[[ [ ] {Blutrn) 4 nur a1 - uagr9) sy 2)
>0
6( (r, @) = uay(ry) = n(uay(r,y); 2)) = B(ulr, @) +n(ulr, 2); 2) — uay(r,y))
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3
(4.41)

+ 6(“(73 ) — uay(r, y)) }w(ﬁ y) 0s(x —y) m(dz) dx dy dr} + C’(zé1 + 574 + 1)

Now we focus on the term J7. Thanks to uniform moment estimate (3.4), Lemma 3.6, assumptions A.5
and A.6, and the bound of 8” and 3"/, we obtain

Jr =E /H//H/H/ (1= Ay (5.9 2){ B (way (5. 9) + Aoy (5.9): 2) = u(t. ) + )

-p (UAy(S, y) + A\n(uay(s,y); z) —u(s, x) + k:) }d)g’(;o (t,x,s,y)

x Ji(k) dhm(dz) ds dy dk dx dt}
s ] / (1= My (s,1); 2)8" (uay(s,y) + Mi(ua, (s,y); 2) — u(s, @) + k)
I JR2 J|z|>0
T
x (s, y)(l—/o ps, (t — s) dt) ps(x — y)Ji(k) dAm(dz) dsdydkdx}

/HT /Rg /| |>O/ (1= N0 (uay(s,y); 2)B" (uay(s,y) + M(uay(s,y); z) — u(s,z) + k)

(s, y)ps(x — y)Ji(k) dAm(dz) dsdydkd:c}

/nT /]R2 /| |>o/ (1= N1 (uay(s,v); 2)8" (uay(s,y) + An(uay(s, ); 2) — uls,x) + k)

(s, y)ps(x — y)Ji(k) dAm(dz) dsdydkdx}

g /n /n / - n* (uay(s,y); 2)|u(t, z) — u(s,z)|v(s,y)os(x — y)ps, (t — s) m(dz) dy ds dz dt]
+ ?E{/S /R2 /I |>0 “Ay 5,9); 2)U(s,y)os(x — y) m(dz) dy dx ds]
]E /H /Rz / |>0/ (1= N (uay(5,9);2)8" (uay(s,y) + M(uay(s,9); 2) — u(s, z) + k)

x (s, y)ps(x — y)Ji (k) dAm(dz) dsdydkdx}

cgB [ ] Ol fut ) s o vest —v
X ps, (t — s)m(dz) dy ds dx dt}

+ IE /S /R?/||>o 1+uAy(s Y) (LA |2]*)(s, y)os(z — )m(dz)dydxds]

<e[[ [.]. 0= A0 20 (i 5,9) + M ):2) — ) + 1)

(s, 9)ps(x — y)Ju(k) dAm(dz) ds dy dk dx] + c‘g + C?
/ / / / (1= Nn?(uay(s,9): 2)B" (uay(s,y) + M(uay(s,y); 2) — u(s, x))
1z JR J|z/>0
x (s, y)ps(x —y) drm(dz) dsdydm] + C\g(jo + 0620 + 05—2 (4.42)
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Again, one can show that (similar to the estimation of I, term)

I; < IE /HT / /| |>0/ (1— 12)B8" (u(s, @) — uay(s,y) + An(u(s, z); 2))
x (s, y)ps(x — y) dAm(dz) dy dx ds} + C’(%O + \2(?0 + 5%) (4.43)
Thus, from (4.42) and (4.43), we have
menss[f [ [ 0= 00208 (i 5.0) + Mty 0):2) — o)
n2<u<s 2); 208" (u(s, @) = way(5,y) + An(uls,2); 2)) Jo(s,
l
x ps(x —y)dAm(dz) dy dx ds} —l—C( ¢ \gTJ 5—2) (4.44)

and hence adding two estimates (4.41) and (4.44) yields
Is + I+ Js + J7
<e[[ [[ { (B2 00 20:2) sy ) s ():2) — B(ur,2) — i )
— (n(u(r,2); 2) — (g (r9): )8 (u(r, ) — uny (r,9)) b, 9)
PR 5o Vo 1
x 0(x — y) m(dz) du dy dr] + c(gi T+ 1)+ C(zo + Y0+ ). (445)

Thus, we have proved the following Lemma:
Lemma 4.7.

lim sup lim sup (I@ + Jg + I7 + J7)

1—0 §o—0

<]E /HT//>0 u(r,z) + n(u(r, z); 2) — uay(r,y) — n(uay(r,y); 2)) — B(u(r, z) — uay(r,y))

= ((ulr,2); 2) = n(uay (r,9); 2)) B (ulr,2) = usy(r,)) p(r,y)os(@ — y) m(dz) du dy dr .

Now we are in a position to combine the Lemma’s 4.2, 4.3, 4.4, 4.6 and 4.7. The result is
0<E| /R /R B(uolw) — way(0,)) 05w — 1) (0, y) dy da
B[ [ [ Buny(o) — u(s,2)o0(s, v)este — ) dedy s
B[ [ [ {7 (a0, 005, ) — 17 (0t w5, 90) st = ), ) ey ]
B[ [ [ 17wt 2), w5, ) 0s(x < 900, ) drdy ]
+38 [ / 8" (mau (5,) — (s, 2)) (o (uay (5,) — (s, 2)))° os i — y)b(s, ) ddy ds|
/H ) L] A o VBCr) 4 . 2):2) = sy () =y (99 2)) = B(u(r.) = uay(:9)

= (n(ulr,2): 2) = (s, (r9); )8 (u(r2) = usy(r,9) po(ry)es(o — o) m(d2) do dy dr|

Ay
+C0
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Ay
3:A1+A2+A3+A4+A5+A6+C7. (4.46)

Note that since ‘fﬁ (x,y)—ly— x\‘ < C¢&, limg A3 = 0. Let us consider the term Ag. In fact, by rewriting

Ag, we have

1
Ag = E[/H /]R (/| ~ /9_0 B*(1 - 0)5"(a + 0b) dem(dz)) bt y)os(x — y) do dydt}, (4.47)
where a = u(t, x) —uay(t,y) and b = n(u(t, z); 2) —n(uay(t,y); z). Note that, in view of assumption A.6,
25" (a +08) = (n(ult.):2) ~ nua(t.):2))* 8 (a + 0 (fu(t.):2)  nlu, (1))
< |u(t,x) - uAy(t,y)|2(1 A |z|2) B"(a+00b) = a? B"(a+00b) (1A |z|2), (4.48)

and hence we need to find a suitable upper bound on a? 3" (a+8b). Since 3” is nonnegative and symmetric
around zero, we can assume without loss of generality that ¢ > 0. Thus, thanks to assumption A.6, we
obtain

0<a<(1—=XA)"a+0b), forall 6c[0,1]. (4.49)
We substitute 5 = ¢ in (4.48), and use (4.49) to obtain

D2B¢ (a+00) < (1= A)2(a+00)* B (a +0b) (|2 A 1)
<Ce(l=* A1), )

as sup,.cg 12 B¢ (1) < CE& by (4.1). Therefore, by using A.5, we have from (4.47)

as<ces [ [ [ (P At et - pdsdyde] <

IIr JR |Z|>0
and hence lim¢ Ag = 0. Note also that
0 < 8 (uay(s.) — uls,)) (o (uay(s,y) — o(uls,2))” < My
so that, passing to the limit when & — 07 in (4.46) with Lebesgue Theorem yields
0 <E[ [ [ Juo(o) = sy (0.1)]es(e = 9)0(0.9) dy ]
+ E[/ / |uay(s,y) — u(s, 2)[0s0(s, y)es(x — y) dx dy dS]
iy JR

+E[/HTAf(u(s,m),uAy(S,y))Qa(I—y)ayi/)(s,y) dxdyds} +C%. (4.51)

Our aim is to estimate each of the above terms suitably. To do this, we follow the ideas from [3, 9].
At this point we first let R +— oo in (4.51). Moreover, since |f?(a,b)| < ||f’||z<|a — b|, for any a,b € R
and [0,¥(s,y)| < C¥(s,y), we conclude that

E[/HT Af(u(s,m),uAy(s,y))gg(x— Y)0y(s,y) dz dyds}

<ClIF =B | [ fus(s) = s 0)lbls.pesto =g dedyas]. (@52)

To proceed further, we make a special choice for the function (s, y). To this end, for each h > 0 and
fixed t > 0, we define

1, if s <t,
Ph(s)=q1—t  ift<s<t+h,
0, if s>t+h.
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Furthermore, let ¢ € C%(R) be a cut-off function such that |¢/(x)| < Cp(z), |¢"(x)| < Cp(x). Clearly,
P(s,y) = ¢} (s)¢(y) is an admissible test-function and

1 t+h
E/ /‘uAysy)fusx’gb y)os(x —y )dxdy]ds

<B[ [ [ Juo(o) = uay 0.0l este ~ w)oty) dy de]

t+h
+ CE[/ . ‘u(s, x) — uay(s, y)’¢(y)g(;(x — )t (s) d dy ds} + C%. (4.53)

Let T be the set all points ¢ in [0, 00) such that ¢ is right Lebesgue point of
/ |uAysy sa:|¢ os(x — )dazdy]
Clearly, TC has zero Lebesgue measure. Fix t € T. Then, passing to the limit as h — 0 yields

]E{/]Rz |uAy(t,y) tx|¢) y)os(x — )dxdyds]
<B[ [ [ un(o) ~ uay 0.0l este ~ n)oty) dy de]

' A
+ CE{/ |u(s, z) — uny(s,y)|¢(y)os(z — y) da dy ds] +o2Y,
o Jr2 5

An application of Gronwall’s lemma gives, for a.e. ¢ > 0

E[/RJuAyu,y) u(t, ) 0(y)es(x — y) dr dy

( // |uo —uay(0,y |95 x—y dydx} +C—= ) et (4.54)

Sending ¢ to 1g in (4.54) along with the fact
E[/R luay(t,y) —u(t,y)| dy} < E[/sz luay(t,y) —ult,z)|os(a - y) da dy} + O [|uo| Bv(m)]

B [ J0as0.) ~ w0(@)esc ~ ) dody] < B[ [ Jua, 0.9) = wo)| dy] + 58 Jul e )

and the initial error bound ( , we obtain

/ {uAy ty) —u(t,y)| dy] < Cr(Ay+6+ C%), (4.55)

where Cr is a positive constant independent of the small parameters. Minimizing the above inequality
(4.55) with respect to 0 yields the estimate

E[/RWAy(t,y) *U(t,y)|dy] < C\/Ay.

This finishes the proof of the main theorem.

5. APPENDIX

Here we study the semi-discrete finite difference scheme (2.1) approximating (1.1) and show the conver-
gence of approximate solutions. As we have mentioned earlier, Rohde et al. [21] have studied semi-discrete
finite volume scheme for the underlying problem (1.1) with n = 0 and invoked stochastic compensated
compactness method to show the convergence of approximate solutions to the unique entropy solution.
Here, we consider the problem (1.1) and study convergence of approximate finite difference solutions via
Young measure technique.
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5.1. Proof of Theorem 3.5. To begin with, let 0 < ¢(¢,z) € C([0,T) x R) and (8,{) be a given

convex entropy-entropy flux pair with 3, §’, 8” and 3" having at most polynomial growth. Let us also
denote ¢;(t) = ¢(t,x;). In view of Lemma (3.1), a simple application of It6-Lévy product rule applied

t0 Ao ()6 (1) eives
T
0 <B;0)6,0)+ [ 010y (0 =5 [ 0 (cun®) - )

1 T 2 " . .
¥ / ()8 (ay )y (O AW () + 5 [ )8 (s 0)0 1)

/ /||>O/ (I=A )i 2) B (uy (8) + An(uy(t); 2)) ¢5(t) dAm(dz) dt. (5.1)

Next, multiplying (5.1) by Az and sumrnmg the resulting inequality over all j € Z, we obtain

0<Az ) B(u;(0))¢;(0) + Az 8,5(]5] Blu;(t)) dt — Az ¢J (a1 () = C(u; () 4,
Ax

JEL JEZ jEZ
+Az Z / o (u; ()5 (u; (), (t) AW (t) + Az Z / "(u;(t)g;(t) dt
JEZ JEZ
+Aw]€Z;/ /I>0 (1) + (s (8):2) = By (1) | 65(¢) N(dz, dt) (5.2)
+ij2€:2/ /|>0/ (=2 )i2) B" (u;(t) + An(u;(t); 2)) ¢;(t) dAm(dz) dt.

Let B be an arbitrary set from Fp. Taking expectation in (5.2) gives us

0<1E[11B Az > Bu;(0))6; (0 )]+E{113 A:Z:Z/ Bi; ()B(u ,(t))dt}

JEZL

—IE ]lB sz/ 65(t) Cluj4( )i; ¢(u;(t)) dt}

JEZ
E[1s sz/ /l>0 1)+ (o (1); 2)) — Bl (1)) } 65(¢) N (dz, di)]
]lB ijezz/ /||>0/ (1-X ); 2) B (u; () + An(u;(t); 2)) gbj(t)d)\m(dz)dt]
E[ly ArY / o (1) (1 (1) 05(6) AW (1)) + JE[15 a3 / (1)) (o1 (1)) (1) |
JEZ

= E[15 Ar Y B(u;(0))6,(0 >}+E[ngmz/ 0 <»<t>>dt]

JEL JEZ

We estimate each of the above terms. To begin with, we first estimate the first term. Since (3 is convex,
in view of Jensen’s inequality one has

Az Bu;(0 AmZﬁ( / %0($)d$)¢(0a%)

JEL -1

<> / 7 Blug(@) 6(0,25) do

. T .
JELTi-L
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—Z/ () 6(0, 2) d$+2/ " Bluo(w ) (6(0,2) — 6(0,2)) d

S/RB(UO(SU)W(Q%)MJFA$|I¢w(07')||oo/KB(uO($))d$

where K is the compact support of the test function ¢ in R. Since B € Fr and (8 has at most polynomial
growth, we obtain

E[1s A Y A;(0))6;0)] < B[t / Bluo())6(0, ) di] + O(Aa). (5.3)
JEZ

Next, we move on to estimate the second term. Note that ¢(t,z) € C°(]0,00) x R). Therefore

E[]IBA:CZ/Tat¢j(t)ﬂ(u ]13/ Z/ ”; O (t, ;) B(u;(t ))dzdt}
]lB/ Z/ I 0rd(t, ;) B(uas(t, :ﬂ))dxdt]

JEZ

]lB / Z/ " 06(t 2)Bluna (t, 7)) da dt
JEL"Ti-%
/ Z/ (’9,5(;5 t,zj) — 0uo(t, w))ﬂ(umz(t, w))d:cdt}}

1
2

gE[]lB /OT/Ratng(t,x)ﬂ(uAm(t,x))dxdt} +Ax||¢tm(t,~)||OOE[/OT/KB(uAI(t,x))dxdt],

where K is the compact support of the test function ¢ in R. Now we can invoke uniform moment estimate
(3.4) and the polynomial growth condition of § to conclude

nB sz/ Buch; (£)B(u; ( ))dt} <E[]13/ /825(;5 (t,2)B(unst, x))dxdt} L O(A).  (5.4)

Let us focus on the third term £ ,. Notice that

foZ/ ®;(t) Clujta( )L;C( = Az Z/ 9;(t) ¢>J 1 )C(uj(t))dt. (5.5)

JEZL JEZL

Since ¢ € C°([0,00) x R) and § has a polynomial growth condition, one can argue along the same line
of previous argument and conclude

]lBAx / 210 ‘bﬂ ! )C(uj(t))dt} gE[nB /OT/Raz¢(t,x)C(uAm(t,x))dmdt + O(Az). (5.6)

JEZ
Hence, we conclude that

Ax
JEZ

]E[]IB/OT/}Rﬁng(um)g(uAm(t,x))dxdt] +O(A). (5.7)

Next, we consider the stochastic term £%,. Let B € Fr be any measurable set, then

E[1p ArY / [ {0 n00s052) = B )}, (N, d0)

JEZ

=S / ) o [ {3 +0,052) = 3050 o) Nz, ) e

JEZ
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]IBZ/ / /Z|>O (uax(t,z) + n(uag(t,z);2)) — B(um(t,x))}qu(t)N(dz,dt) dx}

JEL -4

:E ]IB/ /||>0/ B(uas(t, x) +n(uas(t, z); 2)) —,B(UAw(t,ac))}(b(t,ac) dmﬁ(dz,dt)}
ey [ [ {Blsaltn) nfusalt0):2) - Blusalt )

1
2

x (6(t, ;) — 6(t,x)) N(dz, dt) dx}
= E[]IB /OT /|Z|>O /}R {ﬁ(qu(t,m) + n(uas(t, x); 2)) — ﬁ(qu(t,m))}(b(t,a:) dx N(dz,dt)]

ceal (53)

To proceed further, we consider the term EZ’;. In fact, in view of assumption A.5 and A.6, Cauchy-

Schwartz inequality, BDG inequality, Jensen’s inequality, and polynomial growth condition on 8’ along
with uniform moment estimate (3.4), we have

Ei’; _( / /OT /|Z|>O {B(UAx(t, z) + n(uas(t, z);2)) — Bluas(t, :z:))} (5.9)

1
2

x (6(t, ;) — 6(t,z)) N(dz, dt) dx)QD

1
2

g(E[/OT /|Z|>O{Z/w”l /01n(um(t,x);zm'(um(t,z)+An(um(t,x);z))

. xZ .
]EZ I—3

N

x (6(t, ;) — B(t, 7)) dA dw}2 m(dz) dtD

<CAT0x (1, )l (E[ I Lo L B (uanlta) + An(uas(t2)i2)

x N (upe(t, x); 2) dX dzm(dz) dt} )

Nl=

T
<CAZ|[¢z(t, )0 (E{/O / 0 /K (1 + |qu(t,x)|2) (|qu(t, 9U)|2p + [n(uaz(t, ); Z)lzp)

N

% (1A |2]2) dzm(dz) dtD

<CAZ|[¢z(t, )00 (E[/OT /Z|>0/K (1+ lung(t, )| + luag (t, )| + \UAz(t,l’)\z)

Nl

x (1A |2[2) dzm(dz) dtD
S(}uﬁm.

Now we combine (5.8) and (5.9) and conclude that for any measurable set B € Fr,

nBAazz/ o (300t 0):2)) = Bl oy 0 N, o)

JEZ



34 UJJWAL KOLEY, ANANTA K. MAJEE, AND GUY VALLET

E[1p /OT /Z>O /R {Bluaa(t;2) + n(uas(t,2):2)) = Bluas(t,2)) fo(t,z) do N(dz,db)| + O(Aa).
(5.10)

Let us consider the term £3 . Notice that

E[ls Ay / / / (L A (0 20 (g 6) + Ay (0: )5 (1) dA m(d2) at|

) :nBZ/mﬁl; /T/z>0/1(1_A)n2(uj(t);z)5"(uj(t)+An(uj(t);z))qs(t,xj)dxm(dz)dtdx}
e[y [ / / " / (1= NP (s (t,2): 2)8" (s (t, 2) + An(uns(t,2); 2))

x d(t, z;) dAm(dz) dt dx}
E[15 / / y / / 1= A0 (uae (t2); 2)8" (uae (t,7) + An(uss(t,2); 2))
x (¢, ) dAm(dz) dt dx}
+E nBZ / : / / " / 1= N (e (b, 2); 208" (e (1, 2) + An(uaa(t2); 2))
x (6(t, ;) — B(t,x)) dAm(dz) dt dx}
=t [ [ [ [0 st 5 () + a0 2)

X (t, ) d\ dzm(dz) dt} +&3 0 (511)

We would like to estimate Si’;. Thanks to the polynomial growth of 8" and the property of 7, we have

T
3,1 U )12 (Ju )P U )P
gmg(;(uz (Z/ ) Y /| (1 [ (b)) (Juse (b )P + (1 -+ [uaa(t,2)]7))

JEZ

1
2

X (LA J=12) 0 (8, 6) | — 25| m(d2) dtdx> D

[NIE

g(;(E

T
< CAzx ||¢z|00< [/ /0 (1 + IuM(t,x)FP + |um(t,x)|2(p+2) + |um(t,x)‘4) dtde
< CAz, (5.12)

2
(Z/ / 1+lw<tw>l2+m(tx>p+|um<tx>|p”)|¢x<ts>||x—x]|dtdx>D
JEZL

2

where £ € (z,z;). In the above, we have used uniform moment estimate (3.4) along with the condition
that ¢ has compact support. We use the estimate (5.12) in (5.11) and have

]lB Ax]%/ /||>0/ (1-X i();2)8" (u; () + An(u;(t); 2)) ¢ (t) dAm(dz) dt}
<E ]lB /HT/||>O/ (1= Nn?(unqg(t, z), Z)Bu(umc(t,x)+/\n(qu(t,m);z))¢(t,:z:) dAm(dz) dtd:z:}

+ O(Ax). (5.13)
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Again, observe that

T
€A, =E[1s / / o (taa (1)) (us (b, 2))0(t, 2) du AW (1)|

+E| 132/ / o (uaa(t;2)8 (wae(t,2)) (8L, 5) — (¢, 2)) dwdW ()]

Jez T
= E[]IB/O /Ra(qu(t,x))ﬁ’(qu(t,x))qS(t,:1:) dde(t)} —i—é'i’i.

One can argue similary as in the estimation of the term 52’31: and have Ei’i < CAz. Thus, we conclude
that

T
Eéx < E[]IB/O /RJ(uAI(t,x))ﬂ'(qu(t,x))qﬁ(t,x) dx dW(t)} + C Az. (5.14)

Finally, we consider the expression £3,. We can re-wrire this term as
1 T
£2, = 5E[15 / / 02 (uns (1. 2))B" (s (b, 2))(1. ) v di]
+ B[ Y / / (usa(t,))8" (ua (1, 2) (88, 25) = 6(t,) d da

JEL Y Ti-%
- 51@:[]13 /0 /R 0 (unq(t, )" (ups(t, ©))p(t, x) dmdt} + XL (5.15)

In view of polynomial growth condition of 5", assumption A.3 and uniform moment estimate (3.4), we
arrive at (similar to the term £3'))

Xl <o (5.16)
Thus, combining (5.15) and (5.16), we obtain
X, < IE ]lB/ / (unz(t, )" (uns(t, z))p(t, z) dxdt} + C Az (5.17)

Now we are in a position to combine the estimates (5.3),(5.4), (5.7), (5.10), (5.13), (5.14) and (5.17) to
conclude that

0 <E[15 / Bluo(2))6(0. 2) da] + E[15 / ! / Ou(t, ) (s (1, 2)) da ]
R . 0 R
+E[]13 /O /R am(t,x)g(um(t,x))dzdt]
+E[15 /0 ! /]R o (e (1, 2))8 (w1 2)) (0, ) de VY (1)
+%1E[113 /0 ' /R o2 (uns (t, 2)) 8" (uns(t, z))o(t, ) dzdt}
IE ]lB /T/|Z|>O/ B(uas(t, ) + n(uaz(t, z); 2)) —B(qu(t,x))}qS(t,x) dazﬁ(dz,dt)}
]lB/ /||>0// (1= Nn*(uag(t, x); 2)B" (uaz(t, ) + An(uas(t, x); 2))

X B(t, ) X da m(dz) dt} +O(Az). (5.18)

Finally, we would like to pass to the limit as Az — 0. To do so, we use the technique of Young measure
theory, see [1]. Let the predictable o-field of £ x (0,7T) with the respect to {F;} is denoted by Pr, and
we set

O=0x(0,T)xR, S=PrxL([R) and p=P®RX\® A,
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where \; and A, are respectively the Lebesgue measures on (0,7) and R. Moreover, for M € N, set
Oy = Q x (0,T) x By, where By be the ball of radius M around zero in R. The set of all Young
measures from O into R is denoted by R(O, 3, it). Here we sum up the necessary results in the following
lemma to carry over the subsequent analysis. For a proof of this lemma, consult [2, 7].

Lemma 5.1. Let {uay(t,z)}az>0 be a sequence of LP(R)-valued predictable processes such that (3.4)
holds. Then there exists a subsequence {Axy,} with Az, — 0 and a Young measure v € R(©,%, u) such
that the following hold:
(4) If h(0,¢) is a Caratheodory function on © X R such that supp(h) C Oy X R for some M € N and
{h(0,unz, (0)}n (where 6 := (w;t, x)) is uniformly integrable, then

Jlim [ 0.0, 0) o) = [ [ [ 0.000)(a9)] utao). (519)
(B) Denoting a triplet (w,t,x) € © by 0, we define
u(f, @) = inf {c eER: 1/(9)((—00, c)) > a}, for a€(0,1) and 6 € O©. (5.20)

Then, the function u(0,a) is non-decreasing, right continuous on (0,1) and Pr x L(R x (0,1))-
measurable. Moreover, if h(6,€) is a nonnegative Caratheodory function on © X R, then

h(0,€)v(0)(de)]| 1 (do) = 1 h(0,u(0, o)) do p(d6). (5.21)
(] R 0 Ja=0

In view of the Lemma 5.1, one can conclude (see [7, Corollary 4.6], and [6, Lemma 4.7]) that for every
B e Fr

lim IE ]lB/ /||>0/ um; (t,z) + n(uag, (t, x); )) fﬁ(qun(t,x)))qb(t,x) dxﬁ(dz,dt)}

Az, —0

=K ]lB/ /||>0// u(t, z, o) + n(u(t, z,a); z)) —ﬁ(u(t,x,a))¢(t,x) dadwﬁ(d@dt)}, (5.22)

and

1mEh//zmﬁmwmﬁmwmmmw

Az, —0

— 13/ // u(t, 2, 0)) (u(t, . ) 9(1, ) devd A1V (1) (5.23)

Note that for any B € Fr, the function 15 € L?(0,T; L*((Q, Fr), L*(R))), and L*(©, %, 1) is a closed
subspace of L2(0,T; L*((Q, Fr), L*(R))). Hence the weak convergence in L?(0, X, ;1) would imply weak
convergence in L?(0,T; L*((Q, Fr), L*(R))). Therefore, in view of Lemma 5.1, we have

lim ]E 113/ / at¢> (t,2)B(uns, (t, 2)) + s (t, 2)C(una, (t, a:))) dz dt}

Az, —0

—E[1; / / / at¢(t,x)ﬁ(u(t,x,a))+aw¢(t,x)<(u(t,x,a))) dovdr di], (5.24)
lim ]E 113/ />0// (1-X qun(t,x);z)ﬂ"(uAmn(t,x)Jr)\n(uAmn(t,x);z))

Az, —0

X ¢(t, ) dX dzm(dz) dt}

]lBA /||>O//O A (1= N (ult, @, a); 2)8" (ult, 2, ) + An(u(t, 7, a); 2))

x (t, ) da d dzm(dz) dt} , (5.25)

and

lim 1E[nB /0 ' /R o2 (uns, (t,2))8" (uss, (t, 2))(t, ) dxdt}

Az, —0
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fn ]13/ // w(t,z,0)) 8" (u(t, z, 0))b(t, 7) devda dt | (5.26)

Now, one can use (5.24), (5.25) and (5.26) along with (5.22) and (5.23) and pass to the limit as
Az, — 01in (5.18), and conclude that for any 0 < ¢ € C°([0,00) x R) and given any convex entropy-
entropy flux pair (8,¢) with 3,8’, and 8” having at most polynomial growth and for any B € Fr, the
following inequality holds:

0 <E] 1B/ﬁ(u0(az))¢(o r) dz] +E| 13/ // Oup(t, ) B(u(t, z,0)) dos da ]

]lB/ // 0 9(t, )¢ txa))dadxdt}

nB/ // u(t,,0)) (u(t,z,)) §(1, ) devde VY (1)

% ]lB/ // u(t, o, o 5'(u(t,x,a))¢(t,x)dad:cdt}

nB/ /|>O// u(t,z,0) + n(u(t, z,a);2)) — Bult,z,)) }o(t,2) dovde N(dz, di)|

nB/ /|>O/// (1= N (ult, 2 a); 2)8" (ult, 2, 0) + An(u(t, z, a); 2))

x (t, ) da d dzm(dz) dt} .

In other words,

/ Blug(x))d(0, x) dz +/H /01 <3t¢(t, x)B(u(t,x, ) + 0:¢(t, x)C(ult, z, a))) dodz dt

/ // ult, , ) B (u(t, v, @) 6(t, x) do dx AW (2)

/ // u(t,z,a))B" (u(t, z, @))d(t, x) da dz dt

/ /|Z|>O// u(t, z, o) +n(u(t, z, a); 2)) —5(u(t,$,a))}¢(t,x) dovdz N(dz, dt)

/ /||>0// / (1= N0 (u(t, z, a); 2) 8" (u(t, z, a) + An(u(t, =, a); 2))

x ¢(t, x) dad dzm(dz) dt
>0 P—as.

Again, in view of the uniform moment estimate (3.4) along with [2, Remark 2.4], we see that

sup_E|[Jut,-,)[1§] < o0
0<t<T
This implies that u(t,z,«) is a generalized entropy solution to the problem (1.1). Again, thanks to
the uniqueness result [2, 7], we conclude that u(t,z,«) is an independent function of variable o and
fo u(t,z, 7)dT = u(t, z,a) (for all @) is the unique stochastic entropy solution. Moreover, since
uA$ is bounded in L>®(Q x Ir), we conclude that ua, converges to @ in LY (R;LP(Q x (0,7)), for
1<p<oo.

loc
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